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ABSTRACT

Ultra-wideband (UWB) has great potential for wireless communi-
cations in emerging applications such as sensor networks. This pa-
per considers UWB-based sensor networks and studies the follow-
ing problem: given a set of source sensor nodesin the network each
generating a certain data rate, isit possible to relay all these rates
successfully to the base-station? We follow a cross-layer optimiza-
tion approach, with joint consideration of link layer scheduling,
power control, and network layer routing. The optimization prob-
lemisformulated asanon-linear programming problem. For small-
sized networks, we develop a powerful approximation solution pro-
cedure to this problem based on the branch-and-bound approach
and the novel Reformulation-Linearization Technique (RLT). For
large-sized networks, we propose an efficient heuristic algorithm
by partitioning the sensor network into a core centered around the
base-station and an edge that is outside the core. We also provide a
closed-form analysis for the maximum rate that a base-station can
receive. Simulation results exhibit the efficacy of our proposed op-
timization solution procedure and demonstrate the importance of
the cross-layer approach to UWB-based sensor networks.
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C.2.1[Network Architectureand Design]: Wireless communica-
tion; G.1.6 [Optimization]: Nonlinear programming
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1. INTRODUCTION

The U.S. Federal Communications Commission (FCC) Notice
of Inquiry in 1998 inspired a flourish of research and development
efforts on UWB for a wide range of military and commercial ap-
plications. These applications include tactical handheld & network
LPI/D radios, non-LOS LPI/D groundwave communications, pre-
cision geolocation systems, high-speed wireless LANS, collision
avoidance sensors, and intelligent tags, among others. There are
some significant benefits of UWB for wireless communications,
such as extremely simple design (and thus cost) of radio, large pro-
cessing gain in the presence of interference, extremely low power
spectral density for covert operations, and fine time resolution for
accurate position sensing [11].

In this paper, we consider a UWB-based sensor network for sur-
veillance and monitoring applications. For this network applica-
tion, upon an event detection, all sensing data must be relayed to
a central data collection point, which is here a base-station. The
multi-hop nature of a sensor network introduces some unigue chal-
lenges. Specifically, due to interference from neighboring links, a
change of power level on one link will produce a change in capac-
ity in al neighboring links. As aresult, the capacity-based routing
problem at the network layer is deeply coupled with link layer prob-
lems such as scheduling and power control. An optimal solution to
anetwork level problem thus must be pursued via a cross-layer ap-
proach for such networks [4].

In this paper, we study the data collection problem associated
with UWB-based sensor networks. For such networks, athough
the bit rate for each UWB-based sensor node could be high, the
total rate that can be collected by the single base-station is lim-
ited due to the network resource bottleneck near the base-station as
well as interference among the incoming data traffic. Therefore, a
fundamental question is the following: Given a set of source sen-
sor nodes in the network with each node generating a certain data
rate, is it possible to relay all these rates successfully to the base-
station?

A naive approach to this problem is to calculate the maximum
bit rate that the base-station can receive and then perform asimple
comparison between thislimit with the sum of bit rates produced by
the set of source sensor nodes. Indeed, if thislimitis exceeded, itis
impossible to relay al these rates successfully to the base-station.
But even if the sum of bit rates generated by the set of source sensor
nodes is less than this limit, it may still be infeasible to relay all
these rates successfully to the base-station. This is because, due
to interference and the fact that a node cannot send and receive at



the same time, the actual sum of bit rates that can be relayed to the
base-station can be substantially smaller than the bit rate limit that
a base-station can receive. Further, such an admissibility is highly
dependent upon the network topology, locations of source sensor
nodes, bit rate produced by a source sensor node, and other network
parameters. Asaresult, testing for this feasibility is not trivial and
it is important to devise a methodology and solution procedure to
address this problem.

In this paper, we study this admissibility (or feasibility) problem
through a cross-layer optimization approach, with joint consider-
ation of link layer scheduling, power control, and network layer
routing. The link layer scheduling problem deals with how to alo-
cate resources for access among the nodes. Mativated by the work
in [8], we consider how to allocate frequency sub-bands, although
this approach can aso be applied to atime-slot based system. For
a total available UWB spectrum of W, we divide it into M sub-
bands. For agiven M, the scheduling problem considers how to al-
locate bandwidth to each sub-band and in which sub-bands a node
should transmit or receive data. Note that a node cannot transmit
and receive within the same sub-band. The power control problem
considers how much power a hode should use to transmit data in
a particular sub-band. Finaly, the routing problem at the network
level considers which path aflow should take from the source sen-
sor node toward the base-station. For optimality, we alow a flow
from a source node to be split into sub-flows that take different
paths to the base-station.

We formulate this feasibility problem as an optimization prob-
lem, which turns out to be a mixed-integer non-polynomia pro-
gramming problem. To reduce the problem complexity, we mod-
ify the integrality and the non-polynomia components in the con-
straints by exploiting a reformulation technique and the approxi-
mately linear property between the rate and SNR, which is unique
to UWB. The resulting new optimization problem is then cast into
the form of a non-linear program (NLP). Since a NLP problem
is NP-hard in general, our specific NLP problem is likely to be
NP-hard, although its formal proof is not given in this paper. The
first contribution of this paper is the development of a novel ap-
proximation solution procedure to this feasibility problem based
on a branch-and-bound approach and the powerful Reformulation-
Linearization Technique (RLT). This solution procedure performs
efficiently for a network on the order of 100 nodes on an ordinary
desktop PC platform.

For large-sized networks, due to storage and computational re-
guirements, it is necessary to devel op a more scalable solution pro-
cedure. Our second contribution in this paper is the development of
a fast heuristic algorithm that is effective for large-sized networks.
Our approach is to partition the network into two parts: a network
core that is centered around the base-station and a network edge
that is outside the core. The size of the network core is determined
by the computational capability of the proposed solution procedure
for small-sized networks (e.g., 100 nodes). The solution procedure
consists of formulating a new optimization problem with the ob-
jective of maximizing the total incoming rates to the network core
(from nodes outside the core), subject to the constraint that the bit
rates generated by source sensor nodes inside the core can be de-
livered to the base-station, among other constraints. During the
iterations of this optimization problem (with asimilar solution pro-
cedure developed for small-sized networks), we examine whether
it is possible to “re-connect” source sensor nodes that are outside
the core with a feasible solution.

The third contribution of this paper is an analysis of the maxi-
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mum rate that can be received by the base-station, which can be
used as afirst test (upper bound) for feasibility. We give a closed-
form solution for this maximum rate and show that the source rate
vector that achieves this performance limit is also unique.

The remainder of the paper is organized asfollows. In Section 2,
we give details of the network model for our problem and discuss
the inherent cross-layer nature of this problem. Section 3 presents
the mathematical formulation of the cross-layer optimization prob-
lem and a solution procedure based on the branch-and-bound and
RLT procedures. In Section 4, we present an efficient heuristic
agorithm for large-sized networks. Section 5 analyzes the maxi-
mum rate that can be received by the base-station. In Section 6, we
present simulation results to demonstrate the efficacy of our pro-
posed solution procedures and give insights on the impact of the
different optimization components. Section 7 reviews related work
and Section 8 concludes this paper.

2. NETWORK MODEL

We consider a UWB-based sensor network. Although the size of
the network (in terms of the number of sensor nodes N) is poten-
tially large, we expect the number of simultaneous source sensor
nodes that produce sensing data to be limited, assuming that the
number of simultaneous events that need to be reported in differ-
ent parts of the network is not large. Nevertheless, the number of
nodes involved in relaying (routing) may still be significant due to
the limited range of a UWB-based sensor node and the range of the
network.

Within such a sensor network, we assume there is a base-station
(or sink node) to which all collected data from source sensor nodes
must be relayed (see Fig. 5). For simplicity, we denote the base-
station as node 0 in the network.

Under this sensor network setting, we are interested in answering
the following questions.

e Suppose we have a small group of nodes in A that have de-
tected certain events and each of these nodes is generating
data. Can we determine whether the bit rates from these
source sensor nodes can be successfully sent to the base-
station?

o |f the determination is “yes’, then how should we relay the
data from each source sensor node to the base-station?

Before we further explore this problem, we give the following
definition for the feasibility of arate vector r, where each element,
4, Of the vector corresponds to the sensing rate produced by node
ieN.

DEFINITION 1. For a given rate vector r having r; > 0 for
1 € N, we say that this rate vector is feasible if and only if there
exists a solution such that all r;, i € A/, can be relayed to the
base-station.

To determine whether or not a given rate vector r is feasible,
there are several issues from different layers that must be consid-
ered. At the network level, we need to find a multi-hop route from
the source to the sink node. At the link level, we need to find a
scheduling policy and power control for each node such that con-
straints associated with link bit rate, flow balance at each node, and
that a node cannot send and receive within the same sub-band can
all be met satisfactorily. Clearly, thisis a cross-layer problem that
couples scheduling, power control, and routing. We now take a



closer look at each problem. Table 1 lists al notation used in this
paper.

Scheduling. At thelink level, the scheduling problem deals with
how to allocate link resources for access among the nodes. Moti-
vated by Negi and Rajeswaran’s work in [8], we consider how to
alocate frequency sub-bands, although this approach can be also
applied to time-slot based systems. For the total available UWB
spectrum of W = 7.5 GHz (from 3.1 GHz to 10.5 GHz), we di-
videitinto M sub-bands. Since the minimum bandwidth of aUWB
sub-band is 500 MHz, we have 1 < M < 15. For agiven num-
ber of total sub-bands M, the scheduling problem considers how to
allocate the total spectrum of W into M sub-bands and in which
sub-bands a node should transmit or receive data. More formally,
we consider a sub-band m with normalized bandwidth A(™. We
have

M
m=1

and

Amin <A™ < Ao fOrl<m< M,
where Anin = 1/15 and Appae =1 — (M — 1) - Apnin.
Power Control. The power control problem considers how much
power a node should use in a particular sub-band to transmit data.
Denote p;’} asthe power that node : spends in sub-band m for send-
ing datato node j. Since anode cannot send and receive datawithin
the same sub-band, we have the following: if p% > 0 for any node

k, then p7; should be 0 for all node j.
The power density limit for each node i must satisfy

9nom * E‘jesi pZL
W . \(m)
where gnom is the gain at some fixed nomina distance and S; is

the set of nodes that node ¢ can send datato in one hop. A popular
model for gainis

S Tmaz 5

9ij = min(di_jn: 1) ) @)

where d;; is the distance between nodes ¢ and j and n is the path
lossindex. Denote
W - Tmaa
Pmazr = ———— . (2)

Gnom

Then the total power that a node ¢ can use at sub-band m must
satisfy the following power limit,

Z p;? < pmar)‘(m) . 3
JES;
Denote Z; as the set of nodes that can make interference at node

i. The achievable rate from node ¢ to node j within sub-band m is
then

9ij " PYj
POEACH; m |’
WA 4 Zz(cez)j,l(egi 9kiPyi
(4)
where 7 is the ambient Gaussian noise. Denoting b;; as the total

achievable rate from node ¢ to node j among al M sub-bands, we
have

b = WA log, |1+

M
bij =y b (5)
m=1
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Table 1. Notation

Symbol | Definition
w = 7.5 GHz is the entire spectrum for UWB networks.
N Total number of sensor nodes in the network
M Total number of sub-bands for scheduling in W
Node 0 | Denotes the base-station
Co Maximum rate that the base-station can receive
n Power spectral density of ambient Gaussian noise
Tmaz Limit of power spectral density at a node
9ij Propagation gain from node ¢ to node j
9jj Self-interference parameter at node j
Jnom Propagation gain at anomina distance
Pmaz | = WTmaz/gnom iSthe power limit.
T The set of nodes that can produce interference on
node ¢
Ri The set of nodes that can send data directly to node ¢
S; The set of nodes to which node ¢ can send datain
one hop
7—[(1) The set of one-hop neighboring nodes from the
base-station
Ha The set of nodes in network core
7—[‘3 The set of nodesin #{ that can receive data from
nodes outside #{
ri Bit rate generated at source sensor node 7
K The feasibility factor used in optimization problem
formulation
A(m) | Normalized length of sub-band m, "M _ | A(m) = 1.
A The vector of (™),
Amin | Theminimum value of (")
Amaz | The maximum value of A(™)
2 Power spent by node ¢ in sub-band m for sending
data to node j
P Thevectorofp;;?,lgigN,OgjgN,j;éz’,
1<m<M
q;" Total power (signal and noise) received by node j in
sub-band m (see Eq. (9))
q Thevectorforq;”,lgjgN,lgmgM
by} Achievable rate from node ¢ to node j in sub-band m
for pI7 (see Eq. (4))
b Thevectorofb;’]?,lgigN,OgjgN,j;éi,
1<m<M
bij Total achievable rate from node ¢ to node 5 in all
sub-bands
fij Flow rate from node ¢ to node j
fin Total rate of incoming flowsto node i (i € Hg) from
nodes outside network core
L The problem list in the branch-and-bound procedure
LB, The lower bound of problem z in the branch-and-
bound procedure
LB The best (maximum) lower bound among all problems
in the branch-and-bound procedure
UB, The upper bound of problem z in the branch-and-
bound procedure
UB The worst (maximum) upper bound among al problems

in the branch-and-bound procedure




Routing. Therouting problem at the network level considers the
path that a flow takes from the source node toward the base-station.
For optimality, we alow a flow from a source node to be split into
sub-flows and take different paths to the base-station. Denoting the
flow rate from node ¢ to node j as f;;, we must have

fij < by
Yjes fii = Xjew, it =71i
where R; is the set of nodes that can send data directly to node .
The first constraint says that a flow’s bit rate is upper bounded by

the link capacity and the second constraint is for flow balance at
node :.

3. FEASIBILITY AND SOLUTION FOR
SMALL-SIZED NETWORKS

In Section 5, we analyze the maximum rate (denoted as Cy) that
the base-station can receive. For agiven source rate vector r, where
r; > 0 denotes that node ¢ is a source sensor node that produces
sensing data at rate r;, if vazl r; > Co, then the rate vector must
beinfeasible. But Zf\’zl r; < Cp does not guarantee the feasibility
of the rate vector r and further determination is needed. Moreover,
if weindeed find that agiven rate vector r isfeasible, we a so would
like to obtain a complete solution that implements r over the net-
work, i.e., a solution showing the scheduling, power control, and
routing for each node.

3.1 Rate Feasbility Problem Formulation

Our approach to thisfeasibility determination problemisto solve
an optimization (maximization) problem for the scaled rate vector
K - r, under the optimization space of scheduling, power control,
and routing. K isan optimization variable which we call the feasi-
bility factor. If the optimization problem yields K > 1, we claim
that the rate vector r is feasible; otherwise (i.e, K < 1), we say
that the rate vector r isinfeasible.

Since anode is not allowed to send and receive within the same
sub-band, we havethat if pj; > 0forany I € S; then p;’ should be
0 for al ¢« € R;. Mathematically, this property can be formulated
asfollows. Denotez7* (1 < j < Nand1 < m < M) asabinary
variable with the following definition: if sub-band m is used for
receiving data at node j then z7* = 1; otherwise, zj* = 0. Since
EieRj pZ‘L < IR |pmaa:)\(m) and EleSj p;'yll < pmaz)\(m), we
have the following constraints, which capture both the constraint
that anode j cannot send and receive within the same sub-band m
and the constraint on the power level.

Z p:; S |R]| pmaz)\(m) : $;n 5
1ER;
Zp;yll < pmaw/\(m) (11— x;n,) .
1€S;

The rate feasibility problem (RFP) can now be formulated as
follows.

Rate Feasibility Problem (RFP):

Maximize K
M
subject to S oA =1
m=1
Sl pmarA™ <0 (1<i<N,1<m< M)
JES;
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9ijPi
; k,1)# (.5 m
WA + Ziez)j,t(egi 9kjPri
(1<i<N,jeS;,1<m< M)

byt = WA log, (1 +

> <IRilpmaA ™} (1< <N 1<m< M) (6)

i€R;

Zp;rll Spmaw)‘(m) (1_xjm)
lES;

(I<j<N1I<m<M) (7)

M
> b —fi5 >0 (1<i<N,jeS)
m=1

> fii—= Y fi—riK=0 (1<i<N)
JES; JER;
Amin <A™ < Appax (1<m< M)
zi'=00rl1 (1<j<N,1<m<M)
K,p;?,b;?,fijzo (1<i<N,j€8;,1<m<M).

Theformulation for problem RFPisamixed-integer non-polyno-
mial programming problem. Since even aspecia case of the mixed-
integer non-polynomia programming problem such as a mixed-
integer programming problem or a non-polynomial programming
problem, is NP-hard in genera [3], the current formulation of the
RFP problem is also NP-hard. We conjecture that the RFP prob-
lem is also NP-hard, athough its formal proof is not given in this
paper. Our approach to this problem is as follows. As afirst step,
we show how to remove the integer (binary) variables and the non-
polynomial terms in the RFP problem formulation and reformu-
|ate the RFP problem as anon-linear programming problem (NLP).
Since an NLP problem remains NP-hard in general, in Section 3.2,
we devise a solution by exploring a branch-and-bound procedure
and the novel Reformulation-Linearization Technique (RLT) [14].

Reformulation of Integer and Non-Polynomial Constraints.
The purpose of integer (binary) variables z7" is to capture the fact
that a node cannot send and receive within the same sub-band, i.e.,
if anode j sends datato any node ! in a sub-band m, then the data
rate that can be received by node j within this sub-band must be
0. Instead of using integer (binary) variables, we use the following
approach to achieve the same purpose. Weintroduce anotion called
self-interference parameter g;;, with the following property:

9ii - pit > WA
We incorporate this into the bit rate calculation in Eq. (4), i.e.,

)-(3)

Thus, when p7; > 0, i.e.,, node j istransmitting to any node, then
in Eq. (8), we have b} ~ 0 evenif pi7 > 0. In other words, when
node j istransmitting to any node [, the link capacity on node  to
j iseffectively shut down to 0.

With this new notion of g;;, we can capture the same tramis-
sion/receiving behavior of anode without the need of using integer
(binary) variables 27" as in the RFP formulation. As a result, we
can remove constraints (6) and (7).

by = W,\<m)-1og2(1+

9ijpi;

) k,l iy]
WA 4y ()70

9kiPRIt 2ies; 93iPj1



To write Eq. (8) in a more compact form, we re-define Z; to
include node j aslong as j is not the base-station node (i.e., node
0). Thus, Eq. (8) isnow in the same form as Eq. (4). Denote

"= D gkpii- ©)
k€EZ; 1Sy,
Then we have
. 9iiPij
b= W™ log, [ 14 J__
i k,l 1,
WA + SEDPED g
9ii Pty

WA™ log, (1 + ) .

To remove the non-polynomia terms, we apply the low SNR
property that is unique to UWB and the linearity approximation of
the log function, i.e., In(1 + z) ® z forz > 0andz < 1. We
have

WA + g7 — gijpll

WA 9iiP%

b .
K In2 nWA(m) q;" — 9ip]; ’

which is equivalent to

W o) m _
ln2gw>\ Pu_o'

Finally, without loss of generality, we let A(™) conform the fol-
lowing property.

Wb

m
ij

AW <A@ << am

Although this additional constraint does not affect the optimal re-
sult, it will help speed up the computational time in our algorithm.

With the above re-formulations, we can now re-write the RFP
problem as follows.

RFP-2: Maximize K
M

subject to > oam =1
m=1

)\(m) _ )\('m—l) >0
ST Pl = Pmaed™ <0 (1<i<N,1<m< M)

JES;
> gupii—q'=0 (0<j<N,1<m< M)
kET; 1€y,
m m mym mygm W m m
UW/\( )bij +q; bij — 9i;pijbi; — mgzj)\( )pij =0

(1<i<N,jeS,1<m<M) (10)

M
S —fi520 (1<i<N,jeS)
=1

o= X famrK =0

JjES; JER;
K,pij,bij,q5" fij > 0

>\(1) Z >\min; )\(M) S )\-ma:c -

Although problem RFP-2 is simpler than the original RFP prob-
lem, itisstill anon-linear programming problem (NLP), which re-
mains NP-hard in general [3]. However, it is more amenable to ap-
ply certain optimization techniques. In the next section, we develop

(1<i<N)

(1<i<N,j€S8;,1<m< M)
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a solution procedure based on the branch-and-bound approach [9]
and the novel Reformulation-Linearization Technique (RLT) [14,
15] to solve this NLP optimization problem.

3.2 A Solution Procedure

Branch-and-Bound.  Using a branch-and-bound approach, we
aim to provide an e-optimal solution, where e isasmall pre-defined
constant reflecting our tolerance for approximation inthe final solu-
tion. Initially, we determine suitable intervals for each variable that
appears in nonlinear terms. By using a relaxation technique, we
then obtain an upper bound U B on the objective function value.
Although the solution to such a relaxation usually yields infeasi-
bility to the origina NLP problem, we can apply a local search
algorithm starting from this solution to find a feasible solution to
the origina NLP problem. This feasible solution now provides a
lower bound LB on the objective function value.

If the distance between the above two bounds is small enough,
i.e, LB > (1—¢)U B, wearedonewith the e-optimal solution ob-
tained by the local search. Otherwise, we will use the branch-and-
bound procedure to find an e-optimal solution. The branch-and-
bound procedure is based on the divide-and-conquer idea. That
is, athough the original problem is hard to solve, it may be eas-
ier to solve a problem with a smaller solution space, e.g., if we
can further limit A1 < 0.05. So, we divide the original problem
into sub-problems, each with a smaller solution space. We then
solve the origina problem by solving all these sub-problems. The
branch-and-bound procedure can remove certain sub-problems be-
fore solving them entirely and thus, can provide a solution much
faster than a general divide-and-conquer approach.

During the branch-and-bound procedure, we put al these sub-
problems into a problem list L. Initia, there isonly Problem 1 in
L, which isthe origina problem. For each problem in the list, we
can obtain an upper bound and a lower bound with a feasible solu-
tion, just aswe did initially. Then, the upper bound for the original
problem is UB = max.c{UB.} and the lower bound for the
original problem is LB = max.cr{LB; }. We choose Problem z
having the current worst (maximum) upper bound UB, = UB and
then partition this problem into two new Problems z; and z» that
replace Problem z. This partitioning is done by choosing avariable
and partitioning theinterval of this variable into two new intervals,
eg.,from0 < A <0.1t00< X <£0.05and0.05 < A; <0.1.
For each new problem created, we obtain an upper bound and a
lower bound with afeasible solution. The procedure then updates
thelower bound L B and the upper bound U B for the original prob-
lem.

When LB > (1 — ¢)U B, we can claim that the current feasible
solution is e-optimal and we are done. Thisis the termination cri-
terion. Otherwise, for any Problem 2/, if we have (1 — ¢)UB,, <
LB, where UB. isthe upper bound obtained for Problem 2/, then
Problem 2’ cannot offer an -optimal solution to the original prob-
lem and can be removed from the problem list L. The method then
proceeds to the next iteration.

Note that since we are interested in determining whether or not
K isgreater than or equal to 1 (asfor the feasibility determination
problem), we can terminate the branch-and-bound procedure if any
of the following two cases holds: (1) if the upper bound of K is
smaller than 1, then the RFP-2 problem is infeasible; or (2) if we
find any feasible solution with K > 1, then the RFP-2 problem is
feasible.

Relaxation with RLT Technique.  Throughout the branch-and-
bound procedure (both initially and during each iteration), we need



a relaxation technique to obtain an upper bound of the objective
function. For this purpose, we apply a novel method based on
Reformulation-Linearization Technique (RLT) [14, 15], which can
provide alinear relaxation for a polynomia NLP problem. Specif-
icdly, in Eq. (10), RLT introduces new variables to replace the in-
herent polynomial terms and adds linear constraints for these new
variables. Thesenew RLT constraints are derived from theintervals
of the original variables.

In particular, since \™577 in Eq. (10) can be viewed asasingle
term, weintroduce anew variable 37 andlet y? = A™)b7. Since
A™) and b7 are each bounded by (A(™)r < A(™) < (A(™)y
and (b7) < b7 < (b77)u, respectively, we have [AT™) —(A(™) ).
b — @)z] > 0, AT — ")) - [(07)w — b] > 0,
[ = AT [b7 — (b7)2] > 0, and [(A™)y — AC]
[(b7})v — bij] > 0. From the above relationships and substituting

ym = A™p7, we have the following RLT constraints for y7.

AT+ (0F) L - A =yl < (AL (071
Ay b3+ ()1 A =y > (A)u - (072
AL b+ (0o - A =y > (AT (0o
Ay - b3 + @) - A =y < Ay - (0 -

We therefore replace \™b77 with y7 in Eq. (10) and add the
above RLT congtraints for y;’; into the RFP-2 problem formulation.

m

Similarly, welet uf} = ¢"b7}, v} = pibyy, and wif = \™p.
From (pi}). < pij < (pif)v and (¢j")r < g;° < (g;")v, wecan
obtain the RLT constraints for u;7 , v;}, and w;; aswell.

Denote A, p, b, and q as vectors for \™), p b7, and ", re-
spectively. After we replace all non-linear terms as above and add
the corresponding RLT constraints into the RFP-2 problem formu-

|ation, we obtain the following LP.

Maximize K
M
subject to Z A —q
m=1
AW AT 00 2<m< M)
3 BY — praeA™ <0 (1<i<N,1<m < M)
JES;
ST gupii—qf =0 (0<j<N,1<m< M)

kEZ; IES),

Wyij +ui; — gijviy — %gijwﬁ =0
(1<i<N,jeS&,1<m< M)

RLT constraints for ;7 , uf;, vij, and w;;
(1<i<N,jeS&,1<m< M)

M
S b —fi; >0 (1<i<N,jES)
m=1
D fii= D fi—riK =0 (1<i<N)
JES; JER;
(A,p,b,q) € Q.

where) = {(A3p7baq) : (A(m))L < )\(m) < ()‘(m))U: (p;?)L <
piy < (pi)u, (077) < b7 < (677, (¢") < ¢ < (¢")uv}
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Feasibility Check Algorithm

Initialization:

Let theinitial best solution 4™ = @ and theinitial best lower bound

LB = —c.

Let theinitial problem list L include only the original problem, denoted

asProblem 1.

Relaxation:
Solve the RLT relaxation for Problem 1 basedon 1 =
{(A, P, b,a) : Anin <A < Apaz, 0 < DY < Prnaa:
Amaz:0 < b7 < 2 praaAmaz: 0 < ¢ < Pmaa-
Amaz Zkezj gri}-
Denote the obtained relaxation solution as (A, p, b, §) and the
objective value as the upper bound U B; .

Let theinitial worst upper bound UB = U B; .

Iteration:

Select Problem z that has the maximum U B, among all problemsin

the problem list L.

Local search:
A feasible solution + can be obtained from its A and p viaalocal
search algorithm.
Denote the received data at the base-stationas LB ...

If (LB. > LB){
Update * =y and LB = LB..
If (LB > (1 — €)UB), we stop with the -optimal solution *.
Otherwise, remove all Problems 2z’ with (1 — e)UB_, < LB
from the problem list L. }

Partition:
First we find the maximum relaxation error among |A(™) 57} —
g7 g b — Al |, [Ty — o | and (AU T — w7,

for1 <i<N,j€S;,1<m<M.

In the case that the maximum relaxation error is |AC™) b7 — 57|,
if (A" — (A p) - min{ A — (A
Ay = Ay > (07 — (07 1)-
min{b7} — (b71)r, (b71)u — b7} }, wepartition Q. into
two new regions 2.1 and Q.o by dividing [(A™)) 1,
A Tinto [(AC™) L, AT and [AC™) (AC))p;
otherwise, we partition €2, into two new regions by dividing
(07, (b33 )u]into [(b77) L, 5] and [b77, (675 )u].

Similarly, we can perform a corresponding partition if the

maximum relaxation error is |7 b — a7t |, [pI167: — 072,
1(m) ~m A M
or.\A( )pij — Wi
Relaxation:

Solve the RLT relaxation for Problems 21 and 2= and obtain their
upper boundsU B and UB 5.

Remove Problem z from the problem list L.

If (1 —e)UB.1 > LB, add Problem z; into the problem list L.

If (1 —e)UB.2 > LB, add Problem z5 into the problem list L.

If L = 0, we stop with the e-optimal solution *.

Otherwise, goto Line 15 for next iteration.

Figure 1. A solution procedureto the RFP-2 problem based on
branch-and bound and RLT.




Power Update Algorithm
Choose a node i that meets one of the following requirements. If no
such node exists, we are done and the updated power vector is p.
First, identify anode such that all nodes that receive data from
this node already have their transmission power updated.
If no such node exists, choose the node among al nodes that do not
have their transmission power updated and is closest to the base-station.
If thereis no sub-band used for both transmission and receiving at node ¢
under p, we do not need to update its power and goto Line 1.
Otherwise, defineT",,,;+ asthe total bandwidth used by node ¢ for sending
dataand T';,, — o+ asthetotal bandwidth used by node ¢ only for
receiving data.
If Dout > Din—out, NOde 7 tries to release some sub-bands used for both
transmission and receiving under p and reduce the total used bandwidth to
(Tout 4 T'in—out)/2 inthefollowing order.
First it releases sub-band m with 3~ ; ¢ . (pf3)z = 0,in
non-decreasing order of - . s Pi;-
Second it reduces the transmission power in sub-band m, i.e., from
pi; 10 (p}}) L, in non-decreasing order of Zjesi (7).
If node ¢ decides to use a sub-band, al nodes should not use this sub-band
to send data to node 1.
. GotolLinel.
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Figure2: An algorithm to obtain p from p.

The details of the proposed branch-and-bound solution proce-
dure with RLT are given in Fig. 1. Note that in Line 27 of the
Feasibility Check Algorithm (see Fig. 1), the method chooses a par-
titioning variable based on the maximum relaxation error. Clearly,
A" is a key variable in the problem formulation. As a result,
the agorithm will run much more efficiently if we give the highest
priority to A’ when it comes to choosing a partitioning variable!

Local Search Algorithm.  In the branch-and-bound procedure,
we need to find a solution to the original problem from the solution
to the relaxation problem (see Line 18 in Fig. 1). In particular, we
obtain a solution from A and p. We now show how to obtain such
asolution.

Wecanlet A = A. Notethat in RFP-2, weintroduced the notion
of a self-interference parameter to remove the binary variables in
RFP. Then in p, it is possible that p;7 > 0 and pj; > 0 for a
certain node ¢ within some sub-band m. Therefore, it is necessary
to find a new p from p such that no node is alowed to transmit
and receive within the same sub-band. An agorithm that achieves
this purpose is shown in Fig. 2. The basic idea is to split the total
bandwidth used at node ¢ into two groups of equal bandwidth: one
group for transmission and the other group for receiving.

After we obtain A and p, we can compute b;; from Egs. (4) and
(5). Then, we solve the following simple LPfor K.

Maximize K
subject to fij < bij (1 <i<N,je Sl)
D fi— Y fii—riK=0 (1<i<N)
JES; JER;
K fi;j>0 1<i<N,je&).

If an LP solution provides a K > 1, then this rate vector r is
feasible.

YIn our implementation of the algorithm, we give the highest prior-
ity to (™), the second highest priority to pf?, and consider ¢ last
when we choose a partitioning variable. This does not hamper the
convergence property of the algorithm [14].
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4. A FAST HEURISTIC ALGORITHM FOR
LARGE-SIZED SENSOR NETWORKS

In the last section, we presented an algorithm to determine the
rate feasibility and a corresponding solution for scheduling, power
control, and routing if the rate vector is found feasible. Since the
sizeof theLPisintheorder of O(|S|-N-M), where|S|isatypica
number of one-hop neighbors, the algorithm can only handle small-
sized network. For example, in our numerical results, we found
that, with a Dell Precision 340 (2.0 GHz Pentium 4), the size of the
network that can be handled by the solution procedure in Fig. 1 is
on the order of 100 nodes. For large-sized networks, the algorithm
in Fig. 1 has excessive storage and computational requirements that
is beyond the capability of an ordinary desktop PC. Therefore, a
new solution approach would be desirable for large-sized networks.

Our Approach. Our approach is based on the following ob-
servations for sensor networks. Although the total number of sen-
sor nodes (V) in the network is large, the number of simultane-
ous events that produce sensing data are limited. That is, we as-
sume that the number of source sensor nodes that actually produc-
ing sensing data (i.e., the number of nodes s € N withr, > 0)
is not a large number. Further, since we only have a single base-
station as the sink node for all data generated in the network, the
nodes that are close to the base-station will be “bottleneck” nodes
for the entire network. That is, the burden on a node near the base-
station is clearly much higher than that on a node far away from the
base-station.

Based on these observations, we partition the network into two
parts as shown in Fig. 3(a): aset of nodes Hj that lie within acir-
cle centered around the base-station and the remaining set of nodes,
i.e, N — H§ that lie outside the circle. The size of |H§| is deter-
mined by the maximum size that can be handled by the Feasibility
Check Algorithm in Fig. 1 (e.g., 100). For convenience, we call
the set of nodes in ‘Hg as the network core and the set of nodes in
N — #H§ asthe network edge.

The partitioning of the network into the core Hg and the edge
N —H§ hasalso effectively partitioned the source rate vector r into
r¢ andr—r°, corresponding to the source bit rates generated within
the network core g and outside the core, respectively. Now, our
objective is to determine whether it is feasible to transport both r¢
and r — r° to the base-station. The feasibility test for r can be
done when we apply the Feasibility Check Algorithm in Fig. 1 for
the core network Hg. The tricky part is how to test feasibility for
r — r¢ at the same time.

Since not all nodes in ‘H§ can receive data directly from nodes
outside 7§, we further identity a set of nodes in H§ as H&, where
each node in HZ can receive data directly from nodes outside of
HS. Intuitively, HZ consists of nodes at the edge within the set of
Ho (seeFig. 3(b)).

Our approximation algorithm is based on the following idea. For
each node i € H¢, denote fi™ as the rate of incoming flows to
node i (for data generated outside of #§). We can set up anew op-
timization problem with the objective of maximizing >, end fin,

i.e., the total incoming rates to Hg from nodes outside the net-
work core, subject to the constraint that the rate vector r¢ must also
be delivered to the base-station, among other constraints. During
the iterations of this optimization problem, for the current value of
Yiena Fi" T Y gae i < Yiena fi"1 then we need to check
whether it is possible to “re-connect” source sensor nodes r — r°
to the nodes + € HZ in the network core. If such a “connection”
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(a) Network core and network edge.
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(b) Nodes in HZ within the network
core.

Figure 3: Illustration of network partitioning strategy.

is possible, we declare the entire rate vector r as feasible and we
have found a solution. Otherwise, we move on to the next iteration
of maximizing Eie?—tg i

Algorithmic Details. For nodei € Hg, denote R as the set of
nodes in #§ that can directly send data to node i, Z; as the set of
nodes in ‘Hg that can produce interference at node ¢, and S;° as the
set of nodesin H§ to which node i can send datain one hop. Then
for node i € 1, we have the following flow balance:

S fiu= > fi—f"=r forieHs.

jese JERS

For node i € HZ, we have

9ij P}
b = WA log, [1+ A
k,l
WA 4 STEDTES awin

WA . log, (1—1—

9i; 07}

(k,D)#(3,4) (k,D)#(i,)
nwALm) +Zk€IJ?,l€Sk kPRI +Ekezj—IJ¢,leSk 9Py

> WA .log, (1+

9ij P}y

k.l ¥ k¢ZS
’UW)\(m)+ZI(c€I)JZfl(é‘JS)§ 9kiPRI T2 keT; IhiPmaz AT

The last inequality holds because of Eq. (3).
We now have the following problem formulation.

Revised-RFP:

Maximize > fim
iend
M
subject to Soalm =1
m=1
> PP = PmazA™ <0 (i €HE,1<m < M)
JjeS§
3Pl < IR IpmazA™a (5 € HG, 1 <m < M)
i€ERS
J
> P < pmaeA ™ —af) (€ HG 1 <m < M)
leSs
J

9iiDi;

L -
WA + 37Tk 9ksv

b7t = WA log, | 1+
(i€ M~ HE,j€SH1<m< M)
b1 > WA - log, <1+

9ijpi;

k.l ij k¢T¢
WA+ 5TUC0ZIEG kvt Sher) IhiPmaz A

(i€Mf,jeSf,1<m<M)

i



M

S b fij >0 (1€ HE,jES:)

m=1
S fij— D fii=r (i € HG — HE)
jess JERS
D fa= X fi= = (i € Hg)
jess JERS
Amin < A(m) < Amaz (1<m< M)
fir>0 (i € Hg)
zj"=00rl (j € H§, 1 <m < M)

7

Problem Revised-RFP is of the same form as the original RFP
problem and thus can be solved by following the same solution
procedure described in Section 3.

During the iteration, if we have 37,45 7 < 350 fir, we
will need to check whether it is possible to “re-connect” source
sensor nodes r — r° to those nodes i € ¢ corresponding to their

“n_values. The first step is similar to the solution procedure to
Problem RFP-2. We need to find a solution to Revised-RFP from
the solution to the relaxation problem. As expected, this step is
similar to the local search algorithm at the end of Section 3.2. That
is, welet A = A and obtain p from p viaa similar procedure as
in the Power Update Algorithm (see Fig. 2). The only difference
residesin Line9 of Fig. 2. For anode i € HZ, since the solution
to the Revised-RFP problem does not show how scheduling is done
by nodes j ¢ #§ when they send data to node ¢, we aim that the
total bandwidth of sub-bands used by node i for transmission is no
more than half of the entire spectrum W in p, which will give a
balanced distribution of bandwidth between transmission and re-
ceiving. From A and p, we can compute b;; from Egs. (4) and (5).
Then, we solve the following LP:

Maximize >
iend
subject to fij <bi; (€HGTES)
D fii= Y fi=ri (i€ Hi—HF)
jese JERS
DS Y i fit = (i € H3)
jess JERS
>0 (i € HG)
fii 20 (€M jeSi).

For the second step, we find a solution for nodes not in Hg that
have a positive datarate. Figure 4 shows such an algorithm.

We briefly discuss how our algorithm discussed in this and pre-
vious sections can be implemented in practice. Since our algorithm
requires global topology, a natual approach isto implement it at the
base-station. That is, the base-station runs the feasibility check and
if feasible, it broadcasts the solution to all the nodes in the network
so astoinstruct them on how to relay data flowsto the base-station.

5. ANUPPERBOUND FORTHE MAXIMUM
RATE AT THE BASE-STATION

Since we consider a single base-station within a UWB-based
sensor network, the maximum rate that the base-station can receive

0. Routing Algorithm for Nodes Outside the Network Core

1. Mainfunction:

2 Identify anode that has not found a routing solution and is farthest

3 from the network core.

4, If no such a node exists, we are done. Otherwise, denote this node as s.
5 Node s chooses adestination in 4§ in the order of non-decreasing
6. distance.

7 If all nodesin ’Hg have been considered in previousiterations, we

8 declare that we cannot find a solution.

9. Otherwise, denote the destination node as ¢.

10. ret = Rsi(s, t, min{r,, f;™ }); //Rst() returns how much data rate
11. /I istransmitted to node ¢.

12. If rs > ret,updaters = rs — ret andgotoLines.

13. Otherwise, we are done with node s and go to Line 2.

14. /IRST() attempts to send datarate req from node s to node ¢ and returns
15. /Ithe datarate that can be routed successfully.
16. doubleRst(s, ¢, req) {

17. For each next-hop node &, node s uses function Lsk(s, &) to find how
18. much data can be sent to node k.

19. Node s triesto find the nearest next-hop node & (to node t) that can

20. receive datarate req from s. Inthiscase, let v, = req.

21. If no such a node exists, node s tries to find the next-hop k that can

22. receive the maximum datarate r s, from s.

23. Node s uses a subset of available sub-bandsto send r,, datato node k.
24. If k = ¢, return r55. Otherwise, node s callsret = Rst(k, ¢, rsk).
25. If ret < rsy, node s reducesitsdatarate ryp, = ret by releasing

26. some used sub-bands. }

27. //ILsk() computes and returns the available link capacity from node s to
28. /Inode k.
29. doubleLsk(s, k) {

30. For each sub-band, node s first checks whether it is available (cannot
31 send and receive within the same sub-band).

32 Moreover, node s checksif neighboring links can maintain the
33. same transmission rate by increasing their transmission power
34. (subject to maximum power limit).

35. For each available sub-band, node s then computes the maximum
36. available capacity and returns the sum of them. }

Figure4: Analgorithm to obtain a solution for nodesnot in Hg.

must be an upper bound for total bit rates of any feasible rate vector.
In this section, we calcul ate this maximum rate that can be received
at the base-station. Our result showsthat thisrate occursif and only
if al source nodes belong to the set of one-hop neighboring nodes
from the base-station, denoted as #;. This result is intuitive since
any remote source sensor node will decrease the transmission rate
of a node within } (since a node cannot transmit and receive at
the same time) and thus decrease the rate that can be received by
the base-station. As aresult, when the set of source sensor nodes
are distributed in arbitrary locations within the network, the maxi-
mum rate at the base-station calculated in this section is usually not
achievable and it is necessary to solve a decision problem, as we
have done in the previous two sections.

Denote C, asthe maximum rate that can be received by the base-
station from nodes in the network, i.e.,, Co = max Zf.vzl r; over
al feasible r vectors. In Lemma 1, we show that for any feasible
rate vector r with C = vazl r;, we can find a feasible  vector
achieving at least the same aggregate rate C' but with 7; = 0 for
i ¢ 3, i.e., aone-hop solution. As aresult, to calculate Cy, it is
sufficient to consider r; only for ¢ € 7§ and its one-hop solution.
In Theorem 1, we calculate a feasible rate vector +* that achieves
the maximum aggregate rate C at the base-station. In Theorem 2,
we show that the rate vector that achieves Cp is unique.

LEMMA 1. For any feasible rate vector r with aggregate rate
C = Y, r; sent to the base-station, there exists a feasible vector
7 with the same aggregate rate C' and such that (1) 7 > 0 only if
i€ Hgand (2) f;; > 0andp;; > 0onlyifi € Hgand j = 0.



Proof. The proof is based on construction. That is, for any
given feasible vector r with aggregate rate C' that does not meet
the one-hop property in the lemma, we will repeatedly move the
data generation locations towards the base-station and remove the
corresponding transmissions until we get aone-hop solution, i.e., a
feasible rate vector r with the same aggregate rate C' and such that
(D)7 > 0onlyifie #Hand (2 fi; > 0andp > 0 only if
i€ Hyandj=0.

Suppose that we have a feasible rate vector r with aggregate rate
C. The termination of the following operations requires the rout-
ing solution be cycle-free. A flow cycle (i1, i2, - - - ix) has positive
rates on each of itslink, i.e, fi;i; ., >0for1 < j<k—1and
fir,in > 0. If arouting solution has a flow cycle, we first should
remove this cycle by decreasing each of these flow rates by fin,
where fp,i, isthe minimum flow rate among these links. Once we
have a cycle-free routing solution, we maintain the same vector A
for spectrum allocation and repeat the following operation until we
get aone-hop solution. If thereisapositiveflow f;; and j # 0, we
define new r;, Tj, and fij asfollows: r; = r; — fij, TP =7T; +fij,
and f;; = 0. Thisloop will terminate when we cannot find such a
flow fi; and j # 0. At this point, we can update p;; = 0 for all
fi; = 0.

Definethefinal valuesof A™), r;, fi;, and p}i-valuesas A("™), 7,
f”, and p;7, respectively Clearly, the flow balance at each node
still holds. Moreover, fio = fio and pi = pi for i € H4. There-
fore, thetotal dataratesreceived by the base-station will remain the
same ie, C =N ri= > iena i and that (1) 7; > 0 only if
i € He;and (2) fij > 0and pyy > 0 only if i € Hj and j = 0.

We now show that the rate vector ¢ is feasible. Since the flow
bal ance holdsthroughout the iterative transformation, we only need
to show that b;; > fi;. If fi; = 0, b;; > fi; holds trivially. If
fi; > 0,theni € H§ and j = 0. Since piy = pi and other
ik < pik, we have b} > bi%. Because bio > fio in the original
sol utlon and fio = fio, node i can send data f;o to the base-station
under A™) and p!-values. That is, (\™, 577, f;;) is afeasible
solution for 7; -vaI u&; a

Based on Lemma 1, to calculate Cy, it is sufficient to consider
only one-hop solutions. The following theorem gives the value of
Cy and afeasible rate vector r* that achieves Cy.

THEOREM 1. The rate vector ©* with

9i0Tmazx

N9nom + Tmaz Z:z;é gko

=W-log, | 1+

fori € Hg and 7} = 0fori ¢ g is feasible and achieves the max-
imum aggregate rate Cy that can be received by the base-station.
That is,

N
_ _ 9i0Tmaxzx
Co = =W Z log, | 1+ + Zk;ﬁi
i=1 ieH(l) NGnom mazx ke%}) gko
Proof. First, we show that the rate vector ¢ stated in the theorem

is feasible. That is, there exists a scheduling and power control
policy such that the rate vector +* can be successfully sent to the
base-station. As an existence proof for such a policy, let M =1
and AV = 1, i.e., the simple case where the single sub-band is the
same as the entire spectrum. Let each node i € #{ send its data
to the base-station via one hop with power py = pmaz. Thelink
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capacity b;o can be computed from Egs. (4) and (5). It is easy to
verify that #; = b;o, i.e., node i can send all its data to the base-
station. Therefore, the set of 7} stated in the theorem isfeasible.

We now show that the rate vector +* achieves the maximum ag-
gregate rate. That is, there does not exist another feasible vector ¢
with aone-hop solution such that | 7 > SO 77,

Our proof goes as follows. Since we are only considering a one-
hop solution, the search space now only consists of scheduling and
power control. For any given scheduling policy (the value of M
and alocation of the spectrum into M sub-bands), we show that
the achievable bit rate increases with transmission power of each
node. This suggests that to achieve Cy, each node should use the
maximum transmission power in each sub-band. Subsequently, we
compute the maximum achievable data rate Cy at the base-station.

For any given scheduling policy, we now consider a sub-band m
(1 <m < M).SinceY s, P} < PmaeA™ INEq. (3), wemust
have pi§ < PmazA™. Then

giOpmaw)\(m)
nWA(m)

9ioPio

_ gioPmax
P < '

nWw

But according to Eq. (2), pmaz = % we have

W tmaz

9nom

gioPi6
nWAm) =

gio
nWw

_ 9i0Tmazx
GnomT]

For UWB, we have "m% < 1 (eg., on the order of 1072 [13]).
Since g;o and gnom are comparable, we have

gioPio

_JWOri0 - 1
WA L1 fori e Hjp . (11)
Denoting § = max; ¢ 1 %;/OA(@) , we have § < 1. We now con-

sider thetotal rate (Zie% b33 received by the base-station in sub-

band m. According to Eq. (4) and the fact that we are considering
aone-hop solution, we have

Piogio

10 2 W #

1+

Using Eq. (11), we have

wam giopy

m k#i m
In2 WA + 3770 grobfy

0 ~

Thus,
a(zie’ﬂé big) oW 1
9(giopis) In2 nWA(m) + Zk€H1 groPhy
2 AT s o

Tosimplify notation, denotea = W A™ andb = D keny IkoPRO-



Thus, we have

O icnzbic)  walm [ 1
3(giopR) T In2 |a-+b— giop}

e (a+b— gjop}s)?

S [ 1 f 9ioPjo -|

- In2 — 2
n la+b Pt (a+b—da) J

wam T b

In2 |a+b (a+b—da)?

WA [(1 — 28)(a® + ab) + §%a?)
In2 (a+b)(a+b—da)?

The last inequality holds because § < 1. Since (Zie% big) isan
increasing function of pij, to maximize the achievable bit rate in
sub-band m, we must have pjE = pmaz A" for al nodesi € 3
and al sub-bands m. Thus, for a set of feasible rates to maximize
the rate at the base-station, the rate of any nodes € 3 must satisfy

>0.

M
Ty < Z bio
m=1
M
= > wWA™ .log, \ 1+
m=1
giotrmes X"
m k7£1 WTmaz m
WA + Eke?—t}) Ik0Grom Alm)
M gioT
= WS A™ log,| 1+ Ofmar
k#i
mzzl Ngnom + Tmaz Zk;‘é’ﬂé 9ko
= Wlog, [1+ gwwm”k :
Ngnom + Tmaz Z 7 1 9ko
kEH]
= 7. (12)
That is, for any rate vector + to maximize the rate at the base-

*

station, we must have #; < 7;. The maximum aggregate rate that
the base-station can receive isthus

94i0Tmax

T
Ngnom + Tmaz Zk?’:‘lé 9ko

Co =
ieH}

=W Z log, [ 1+
i€y

This completes the proof. a

CoroLLARY 1.1. Among all feasible rate vectors with one-hop
solutions, i.e., (1) 7#; > Oonly ifi € H$ and (2) fi; > 0 and
pi; > 0onlyifi e & and j = 0, the maximum aggregate rate
Cy that can be received by the base-station is achievable only if
r=r".

Proof.  This result follows by the proof of Theorem 1. Among
all feasible rate vectors with one-hop sol utions, we have shown that
7; < 77 (Eqg. (12)) for any rate vector r to maximize the rate at the
base-station and the maximumrate Co = >, el 7; . Thus, among
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Figure5: Network topology for a 100-node network.

all feasible rate vectors with one-hop solutions, Cy is achievable
only if r = ¢~. a

Infact, theresult in Theorem 1 can be further strengthened by the
uniqueness of the rate vector that can achieve Cy. Thisisstated in
the following theorem and the proof is omitted due to paper length
limitation. Interested readers are referred to [16].

THEOREM 2. The feasible rate vector r that can achieve Cj is
unique and r = #~.

6. SIMULATION RESULTS
6.1 Simulation Setting

In this section, we present numerical results for our solution pro-
cedure and compare it with other possible approaches. Given that
thetotal UWB spectrumisW = 7.5 GHz and that each sub-band is
at least 500 MHz, we have that the maximum number of sub-bands
is M = 15. The gain model for alink (i, j) is g;; = min(d;;*, 1)
and the nominal gain ischosen as gnom,m = 0.02. The power density
limit 7,42 iSassumed to be 1% of the white noise 7.

We consider both asmall network of 100 nodes (see Fig. 5) over
ab0 x 50 areaand alarge network of 500 nodes (not shown) over
a100 x 100 area, where the distance is based on normalized length
in Eq. (1). Both networks are generated at random. Under both
networks, the base-station islocated at the origin (lower left corner
of the network). The details for each network will be elaborated
shortly when we present the results.

6.2 Results

In this section, we investigate the impact of scheduling and rout-
ing. We are interested in comparing a cross-layer approach to a
decoupled-layering approach to our problem. We do not explicitly
show the impact of power control, since power level at a node is
the single most important factor in wireless communications and
directly determines both scheduling and routing. For example, if
p;; > 0, then node i uses sub-band m to send datato node j. Asa
result, scheduling (which sub-band is used) and routing (which link
isused) areimmediately determined. Although A“™ is not known,
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Figure 6: The maximum achievable K as a function of M for

the 100-node network.

Table 2: Performance of feasibility factor K under different
spectrum allocationswith M = 5 for the 100-Node Network.

Spectrum Allocation K | Rate
Optimal: (0.4256, 0.2339, 0.1660 0.1066 0.0679) | 8.0 | 200
Equal: (0.20, 0.20, 0.20, 0.20, 0.20) 4.2 | 105
Random 1: (0.36, 0.23, 0.20, 0.11, 0.10) 28| 70

Random 2: (0.27, 0.24, 0.21, 0.17, 0.11) 42 | 105

the lower bound of A is also given by 3" s p¥} /Pmas (from
Ea. (3)).

Impact of Scheduling. We first consider the 100-node network
shown in Fig. 5. There are 8 source sensor nodes (marked as stars)
in the network. Thedataratearer; = 5,72 = 2,r3 = 2,4 = 4,
rs = 5,76 = 3, r7y = 3, and rg 1, with units defined in
an appropriate manner. To show performance limits, we investi-
gate the maximum feasible K (feasibility factor) under different
approaches. Figure 6 (upper curve) shows the maximum achiev-
able K for different M under our solution procedure. Clearly, K
is anon-decreasing function of M, which states that the more sub-
bands available, the larger traffic volume that the network can sup-
port. The physical explanation for thisis that the more sub-bands
available, the more opportunity for each node to avoid interference
with other nodes within the same sub-band, and thus, this yields
more capacity in the network. Also, note that there is a noticeable
increase in K when M issmall. But when M > 4, the increase
in K isno longer significant. This suggests that for simplicity, we
could just choose a small value (e.g.,, M = 5) for the number of
sub-bands instead of the maximum A = 15.

To show theimportance of joint optimization of link level schedul-
ing and power control and network level routing, in Fig. 6, we
also plot K as afunction of M for a pre-defined routing strategy,
namely, the minimum-energy routing with equal sub-band schedul-
ing. Here, the energy cost is defined aSgi;1 for link (7, 7). Under
this approach, we find aminimum-energy path for each source sen-
sor node and determine which sub-band to use for each link and
with how much power. When anode cannot find afeasible solution
to send data to the next hop, it declares that the given rate vector

(b) M = 10.

Figure 7: Optimal routing obtained via the cross-layer opti-
mization solution procedurefor the 100-node network.
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Table 3: Performance of feasibility factor K under different
spectrum allocationswith M = 10 for the 100-node network.

Spectrum Allocation K | Rate
Optimal: (0.1551, 0.1365, 0.1283, 0.0962, 88| 220
0.0952, 0.0916, 0.0901, 0.0702, 0.0689, 0.0679)

Equal: (0.10, 0.10, 0.10, 0.10, 36| 90

0.10, 0.10, 0.10, 0.10, 0.10, 0.10)

Random 1: (0.14, 0.13, 0.12, 0.11, 40 | 100
0.09, 0.09, 0.09, 0.08, 0.08, 0.07)

Random 2: (0.17, 0.13, 0.11, 0.10, 38| 9

0.10, 0.09, 0.08, 0.08, 0.07, 0.07)

Table 4: Location and rate for each source sensor node in a
500-node network.

Source Location Rate Source Location Rate
Node Index Node Index
1 (3.3,82.0 1 11 (4.2, 55.6) 1
2 (75,4.1) 4 12 (15, 10) 2
3 (16.3, 35.8) 2 13 (19, 22.6) 2
4 (19.2,58.7) 2 14 (20.9, 77.3) 4
5 (31.6,94.4) 1 15 (36.2, 44.5) 1
6 (39.4, 20.5) 3 16 (39.8,37.2) 3
7 (42.5,96.2) 2 17 (45.8, 12.6) 1
8 (60.1,17.1) 4 18 (63.4,71.1) 1
9 (65.0, 66.6) 2 19 (71.4,21.3) 3
10 (74.4,74.8) 2 20 (90.5, 28.7) 3

isinfeasible. In Fig. 6, we find that the minimum-energy routing
with equal sub-band scheduling approach is significantly inferior
than the proposed cross-layer optimization approach.

Table 2 shows the results for K under different spectrum allo-
cations for M = 5. The routes are the same as those obtained
under optimal routing from our cross-layer optimal solution (see
Fig. 7(8)) and are fixed in this study. The first optimal spectrum
alocation is obtained from the cross-layer optimal solution. The
second is an equal spectrum allocation and the following two are
random spectrum alocations. Clearly, the cross-layer optimal spec-
trum allocation provides the best performance among al these spec-
trum allocations. It is important to realize that in addition to the
number of sub-bands M, the way how the spectrum isallocated for
agiven M aso has a profound impact on the performance. In Ta-
ble 3, we perform the same study for M = 10 and obtain the same
conclusion.

Impact of Routing.  For the rest of this section, we consider a
network of 500 nodes randomly deployed over a100 x 100 area
Among these nodes, there are 20 source sensor nodes and the co-
ordinates and bit rates for the source sensor nodes are listed in Ta-
ble 4. We study the impact of routing on our cross-layer optimiza-
tion problem under a given optimal schedule (obtained through our
solution procedure). Table 5 shows the resultsin this study. In ad-
dition to our cross-layer optimal routing, we also consider the fol-
lowing two routing approaches, namely, minimum-energy routing
and minimum-hop routing. The minimum-hop routing issimilar to
the minimum-energy routing, except the cost here is measured in
the number of hops.
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Table 5: Performance of feasibility factor K under different
routing strategies for the 500-node network.

Routing Strategy M=5 M =10
K | Rate | K | Rate
Optimal Routing 46 | 2024 | 46 | 2024
Minimum-Energy Routing | 1.0 | 44.0 | 1.2 | 52.8
Minimum-Hop Routing 06| 264 | 1.0| 440

In Table 5, the spectrum allocation is chosen as the optimal spec-
trum alocation from our cross-layer optimal solution and is fixed.
Specifically, for M = 5, we have A = (0.0758,0.1144,0.1234,
0.3045, 0.3819); for M = 10, we have A = (0.0692,0.0719,
0.0758,0.0781,0.0853,0.1047,0.1084, 0.1144, 0.1234, 0.1688).
Clearly, the cross-layer optimal routing outperforms both minimum-
energy and minimum-hop routing approaches. Under minimum-
hop routing, the routing solution prefers longer distance hops (with
smaller number of hops) toward the base-station, which islikely to
reduce link capacity due to the distance gain factor. On the other
hand, minimum-energy routing prefers shorter distance hops. But
by using short-distance links, more links are used in the routing,
and thus will produce more interferences among the links. Asare-
sult, the capacity on the links will also be reduced. The minimum-
hop routing and minimum-energy routing can be viewed as two
extreme approaches, while the cross-layer optimal routing takes a
balanced approach and thus yields the best result.

7. RELATED WORK

A good recent overview paper on UWB is given [11]. Physica
layer issues associated with UWB-based multiple access commu-
nications can be found in [5, 6, 17] and references therein. In this
section, we focus on related work addressing networking problems
with UWB.

In [7], Negi and Rgjeswaran first showed that, in contrast to
previously published results, the throughput for UWB-based ad
hoc networks increases with node density. This important result
is mainly due to the large bandwidth and the ability of power and
rate adaptation of UWB-based nodes, which alleviate interference.
Moreimportantly, thisresult demonstrates the significance of phys-
ical layer properties on network layer metrics such as network ce-
pacity. In[1], Baldi et a. considered the admission control problem
based on a flexible cost function in UWB-based networks. Under
their approach, a communication cost is attached to each path and
the cost of a path is the sum of costs associated with the links it
comprises. An admissibility test is then made based on the cost of
a path. However, there is no explicit consideration of joint cross-
layer optimization of scheduling, power control, and routing in this
admissibility test. In [2], Cuomo et a. studied a multiple access
scheme for UWB. Power control and rate allocation problems were
formulated for both elastic bandwidth data traffic and guaranteed-
service traffic. The impact of routing, however, was not addressed.

The most closely related research to our work are [8] and [12].
In[8], Negi and Rajeswaran studied how to maximize proportional
rate allocation in a single-hop UWB network (each node can com-
municate to any other node in asingle hop). The problem was for-
mulated as a cross-layer optimization problem with similar schedul -
ing and power control constraints as in this paper. In contrast, our
focus in this paper is on an admissibility test for a rate vector in a



sensor network and we consider a multi-hop network environment
where routing is also part of the cross-layer optimization problem.
As a result, the problem in this paper is more difficult. In [12],
Radunovic and Le Boudec studied how to maximize the total log-
utility of flow rates in multi-hop ad hoc networks. The cross-layer
optimization space consists of scheduling, power control, and rout-
ing. Asthe optimization problem isNP-hard, the authors then stud-
ied a simple ring network as well as a small-sized network with
pre-defined scheduling and routing policies. On the other hand, in
this paper, we have developed a novel solution procedure to our
cross-layer optimization problem, despite that it is highly complex.
Further, due to differences in optimization objectives, we find that
some of the results regarding power control and routing discussed
in[12] areno longer applicable to our problem for sensor networks.

8. CONCLUSIONS

In this paper, we have studied the important problem of routing
data traffic in a UWB-based sensor network. We followed a cross-
layer optimization approach with joint consideration of link layer
scheduling, power control, and network layer routing. Our contri-
butions are three-fold. First, for small-sized networks, we devel-
oped a solution procedure based on a branch-and-bound approach
and the RLT technique. Second, for large-sized networks, we de-
signed an efficient heuristic algorithm by intelligently partitioning
the network into core and edge components, where the problem as-
sociated with the core can be effectively addressed by the solution
procedure for small-sized networks. Finally, we analyzed the max-
imum rate that a base-station can receive and gave a closed-form
expression, which can be used as the first feasibility test for our
problem. Our simulation results demonstrated the efficacy of our
proposed solution procedure and substantiated the importance of
cross-layer optimization for UWB-based sensor networks.
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