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Cross-Layer Optimization for Data Rate Ultility
Problem in UWB-Based Ad Hoc Networks

Yi Shi, Member, IEEE, Y. Thomas Hou, Senior Member, IEEE, and Hanif D. Sherali

Abstract—There is growing interest in employing ultra-wideband (UWB) communication systems at the physical layer for multihop
wireless networks. Recent efforts show that networking problems involving UWB systems should follow a cross-layer approach with
consideration at multiple layers. Due to the nonlinear nature of the optimization problem, there are very limited theoretical results for
this important problem. In this paper, we address this problem by considering a UWB-based ad hoc network. We study how to
maximize capacity (in the form of a data rate utility) for a set of communication sessions. Via a cross-layer approach, we formulate this
utility maximization problem into a nonlinear programming (NLP) problem, which takes into consideration routing, scheduling, and
power control. We develop a solution procedure based on the so-called branch-and-bound framework. Within this framework, we
employ a powerful optimization technique called reformulation linearization technique (RLT). We use numerical results to validate the
efficacy of this solution procedure and offer insights on UWB-based ad hoc networks. This work provides a theoretical result for the

achievable performance bound for a UWB-based ad hoc network.

Index Terms—UIltra-wideband (UWB), cross-layer optimization, nonlinear optimization, wireless networks.

1 INTRODUCTION

ULTRA—WIDEBAND (UWB) systems transmit and receive
signals through an extremely short-duration burst of
radio frequency (RF) energy. The resultant waveforms have
an extremely wide frequency band, and it is difficult to
determine their actual RF center frequency (that is, they are
“carrier free”). UWB waveforms have some rather unique
properties and are suitable for certain military and
commercial applications, including tactical handheld and
network LPI/D radios, non-LOS LPI/D groundwave
communications, precision geolocation systems, high-speed
wireless LANSs, collision avoidance sensors, and intelligent
tags [9], [13], [17].

Recently, there has been growing interest in applying a
UWB-based system for multihop ad hoc networks [4], [11],
[15], [16], [22]. Due to the complexity of such a problem
(that is, nonconvex), there are very limited theoretical
solutions. In this paper, we address this theoretical problem
following an optimization approach. We consider a set of
source-destination communication pairs (which we call
sessions) in a UWB-based ad hoc network. For each session,
data is generated at the source node and must be relayed to
its destination node (via multiple hops if needed). The
objective is to maximize the total utility of these active
sessions, where a session’s utility is defined as the
log function of its bit rate [15].

As expected, this optimization problem involves issues
from multiple layers, that is, routing, scheduling, and power
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control. The routing problem at the network layer considers
what set of paths the data (from a source node) should take to
its destination node, the link-layer scheduling component
deals with how to use time slots for transmission and
reception, and the physical-layer power control component
considers how much transmission power a node should use
in a particular time slot.

This problem was first studied by Radunovic and
Le Boudec in [15]. The cross-layer optimization space also
consists of routing, scheduling, and power control.
Although Radunovic and Le Boudec were able to formulate
the problem into a nonlinear program (NLP), they were not
able to solve the optimization problem. Instead, they
decoupled the joint optimization problem into subproblems
based on layers, that is, a layer-decoupled approach. Such
an approach is suboptimal to start with and is likely to be
far away from the optimum in some cases. Further, under
Radunovic and Le Boudec’s layer-decoupled approach,
their proposed solutions for routing and scheduling are
heuristics instead of an exact solution. Specifically, for
routing, their proposed solution is based on single-path
routing. Single-path routing is clearly suboptimal when
compared to the general case where flow-splitting/multi-
path routing are allowed, as considered in this paper. For
scheduling, they proposed a heuristic solution based on the
so-called “exclusion region” property, which is based on the
observation of a simple ring topology network rather than
rigorous proof for a general network topology setting. As a
result of such a heuristic approach, the results in [15] cannot
offer any theoretical guarantee. Therefore, a formal math-
ematical solution procedure that can provide a guaranteed
solution (instead of heuristics) to this cross-layer optimiza-
tion problem remains an open problem. In this paper, we
will develop a formal solution procedure to fill this gap.

We first formulate the problem into a mixed-integer
nonpolynomial programming problem. After some refor-
mulation by removing integer components and nonpolyno-
mial components in the constraints and exploiting the linear
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rate-SINR property that is unique to UWB, we are able to
obtain an NLP formulation. The main contribution of this
paper is the development of a solution procedure to this
NLP problem based on a branch-and-bound framework [12].
This framework includes the following steps:

e First, we develop an upper bound via linear
relaxation. For linear relaxation, we employ a
powerful technique called Reformulation-Linearization
Technique (RLT) [19] to handle polynomial terms.
The essence of RLT is to replace each polynomial
term (that is, product of variables) with one new
variable and add a set of new linear constraints
based on the bounds for partition variables (vari-
ables in a nonlinear term). As a result, constraints
with polynomial terms can be relaxed with a set of
linear constraints. For a nonpolynomial term (that is,
a log term), we propose to use three tangential
supports, which constitutes a convex envelope linear
relaxation and is very accurate for our problem
setting. After these efforts, we can relax the
NLP problem with a linear program (LP), whose
solution provides an upper bound of the objective
function.

e Second, we perform a local search to find a feasible
solution and a lower bound. Since a relaxation
solution may be infeasible for the original NLP
problem, a local search algorithm is needed to obtain
a feasible solution. We design such a local search
algorithm, and the feasible solution obtained via this
algorithm will serve as a lower bound of the
objective function.

e  Finally, we check whether the above lower and upper
bounds are close to each other. If so, we are done.
Otherwise, we need to obtain a tighter LP relaxation
by further narrowing down the value intervals of
partition variables. Specifically, branch-and-bound
divides a partition variable’s value interval into
two intervals. Then, the original problem is divided
into two new problems with tighter bounds.

During each iteration of the branch-and-bound proce-
dure, it is important (from a computation perspective) to
select a partition variable. We propose a partition variable
selection policy not only based on the relaxation error but
also based on its relative significance in our problem. It
turns out that such a policy can significantly speed up the
convergence process of branch-and-bound iterations.

The significance of this work is that it provides a
theoretical result on the achievable performance bound for
a UWB-based ad hoc network. For practical implementa-
tion, distributed algorithms and protocols still remain to
be developed. The theoretical results should be used as a
performance benchmark or measure for any of these
distributed algorithms and protocols (rather than compar-
ing them to some heuristic algorithms). That is, the results
obtained by our algorithm provide a theoretical bench-
mark for the development of distributed algorithms and
protocols.

The remainder of the paper is organized as follows: In
Section 2, we give details of the network model for our
problem and discuss routing, scheduling, and power
control components. Section 3 presents the mathematical
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formulation of the cross-layer optimization problem. In
Section 4, we present a solution procedure based on the
branch-and-bound framework and give details on how to
set initial value intervals for partition variables, how to
perform linear relaxation (via RLT and three tangential
supports), and how to find a solution to the original
problem via a relaxation solution (local search). We also
show how to select a partition variable so as to speed up
computation. In Section 5, we present numerical results to
validate the efficacy of our proposed solution procedure
and give insights on the impact of different optimization
components. Section 6 reviews related work; Section 7
concludes this paper.

2 NEeTWORK MODEL AND OPTIMIZATION SPACE

We consider a multihop wireless network consisting of
N nodes over a two-dimensional area. Within the network,
there are L (unidirectional) communication sessions. De-
note the data rate for the /th session as r(l) and r the rate
vector for the L sessions. We say that a rate vector r is
feasible if and only if there exists a “solution” such that for
each session [, 1 <[ < L, rate r(l) can be transported from
the source node s(l) to the destination node d(I). By
“solution,” we mean a specific realization of routing,
scheduling, and power control in the network that can be
employed to achieve the rate vector.

In [15], Radunovic and Le Boudec advocate the use of
Zszl Inr(l) as a utility metric in the network optimization
problem. The motivation for this choice is that such a
log-based utility function can achieve a good compromise
between fairness and efficiency. A detailed justification of the
choice of this log-based utility function can be found in [14].
We adopt this utility function as our optimization objective
in this paper. However, we emphasize that the solution
procedure developed in this paper is general and can be
applied to other definitions of the utility function.

We now examine the search space for a feasible solution
such that the total utility can be maximized. As discussed, a
solution for a feasible rate vector involves mechanisms from
several layers. At the network layer, routing affects the rate
vector through the choice of multihop routes from each
source to its corresponding destination node. At the link
layer, we need to find a scheduling policy for each node
such that there is no node sending and receiving within the
same time slot. At the physical layer, we need to perform
power control for each node such that each link has enough
capacity. We now take a closer look at each problem.

2.1 Scheduling

At the link layer, scheduling deals with how to coordinate
transmission among the nodes in each “time slot.” An
important constraint is that a node cannot send and receive
data within the same time slot. In this paper, we define
time slot as a time interval within which each node in the
network has a specific transmission behavior. This defini-
tion differs from the physical-layer “time frame” concept
used for UWB (see, for example, [21]), which is directly
tied to physical-layer implementation (that is, impulse
generation). The time-slot definition in this paper is
specifically tailored for network-layer modeling and
problem formulation. Further, the time-slot definition in
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this paper also differs from the one used in [15], where a
node is allowed to only transmit to one node within a
time slot.

Under our time-slot definition, a node is allowed to
transmit to multiple nodes. In some sense, our time-slot
definition can be viewed as an aggregate of certain time-
slot behaviors in [15]. Such an approach for aggregated time-
slot definition is extremely useful in mathematical model-
ing, in the sense that a smaller number of time slots may be
sufficient to express a solution. As a result, the problem size
may become smaller and require less computation time.

Note that such aggregation formulation does not exclude
the time-slot arrangement corresponding to the optimal
solution. This is because we attempt to aggregate conven-
tional small time slots only when such aggregation is
possible (without loss of optimality). Otherwise, aggrega-
tion will not be performed. For example, suppose node ¢
transmits to nodes ji, jo, and j3 in time slots 1, 2, and 3,
respectively. If within these time slots, none of nodes ji, js,
and js transmits, then we can aggregate these three time
slots into one. On the other hand, if node j3; must transmit
within time slot 2 (and receive from i in time slot 3), then
we will not be able to aggregate all three time slots into one.
This is because node j3 cannot receive and transmit in the
same aggregated time slot. Instead, we will only aggregate
time slots 1 and 3 into one time slot and leave time slot 2
unchanged. Note that such aggregation process will not
lose any scheduling behavior that is allowed under those
small time-slot cases and thus will not lose optimality.

Given the number of time slots K, denote ¢, as the
normalized length for time slot k, that is, the length of
time slot k£ over the total length of all different time slots.
We have

K
Ztk =1
k=1

2.2 Power Control

The power control problem deals with how much power a
node should employ to transmit data in a particular time slot.
Denote pf] as the power that node ¢ expends in time slot % for
sending data to node j. Based on our time-slot definition,
although a node cannot send and receive within the same
time slot, a node can transmit to multiple nodes within the
same time slot. The total power that a node i can expend at
time slot £ must satisfy the following power limit [22]:

pr:] S Pmax7 (1)
JET;
where 7; is the set of one-hop neighbors of node i. This
requirement comes from the power density limitation of

UWSB, that is,

Ynom

»}
% < Quax- Thus, we have

Qmax W

gﬂ()IIl

Pmax - (2)
where Quax is the maximum allowed transmission power
spectral density, gnom is the gain at some fixed nominal
distance [16], and W is the spectrum for the UWB network,
that is, 7.5 GHz.

A widely used model for power gain is
9ij = d;;", (3)

where d;; is the distance between nodes ¢ and j, and « is the
path loss index. Denote Z; as the set of nodes that can make
interference at node ¢ and 7 as the ambient Gaussian noise
density. Then, the achievable rate from node ¢ to node j
within time slot & is

9iPl;

1+ m,q)#(i.j)
77 + ZmEIJ q€T gmjpmq

cf] = t; W log,

2.3 Routing

The routing problem at the network layer considers, for a
session [, 1 <1< L, how to relay a rate of r(I) from
the source node s(I) to the destination node d(I). To
take advantage of the multipath availability (that is,
network diversity) within an ad hoc network, we allow a
node to split its incoming data into subflows and send to
different next-hop nodes. Denote f;;(l) as the data rate that
is attributed to the /th session on link (7, j). If node ¢ is the
source node s(1), then

> i)y =r(D)

jeT,

(1<i<L). (4)

If node ¢ is an intermediate relay node, that is, ¢ # s({) and
i # d(l), then we have the following flow balance:

j#s(l) m£d(l)
W= > full =0 (1<I<L). (5)
J€T; meT;

If node i is the destination node d(I), then

> fuiD)

meT;

(1<i<1I). (6)

=r(l

It can be easily verified that if (4) and (5) are satisfied, (6)
must be satisfied. As a result, there is no need to list (6) in
the formulation once we have both (4) and (5).

Since the sum of data rates on link (¢, j) cannot be greater
than the link capacity, we must also have

(D4, d()Fi K
RS SR0 <24
1<I<L k=

Table 1 lists all notation used in this paper.

3 PROBLEM FORMULATION

3.1 The Maximum Utility Problem

In this section, we formulate the maximizing data rate utility
problem as an optimization problem. Since a node cannot
send and receive within the same time slot, we must have
that 1f pf; > 0 for any j € T, then p};,, = 0 for all m € T ;; or
if pk. >0 for any m e T;, then pf;=0 for all jeT,.
Mathematically, this property can be formulated by using
binary variables xf (1<i< N and 1< k< K), which we
define as follows:

ok = 1 time slot k is used for receiving data at node ¢,
#7710 otherwise.
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TABLE 1
Notation
Symbol | Definition
cfj Achievable rate from node 7 to node j in time slot &k
under pfj
c Thevectorofcffj,lgiSN,je'E,lgkgK
d(l) Destination node of I-th session

d;ij Distance between nodes ¢ and j

fiz (D) Rate from node 4 to node ;7 for flow [
f The vector of f;;(1), 1<i<N,jeT;,1<I<L
Gij Propagation gain from node ¢ to node j
Gii Self-interference parameter at node @
gnom Propagation gain at a nominal distance
Z; Set of nodes that can produce interference on node %
K Total number of time slots for scheduling
L Total number of source-destination node pairs
LB, A lower bound of problem z
LB Maximum lower bound among all problems
N Total number of nodes in the network
pf] Power spent by node ¢ in time slot & for sending data to
node j
P Thevectorofpfj,1§i§N,j€’E,1§k§K
Pma)( = QmaxW/gn()m is the power limit.

Qmax Maximum allowed transmission power spectral density

r(l) Rate from s(1) to d(1)
r The vector of (1), 1 <I< L
s(l) Source node of I-th session
tr Normalized length of time slot k&, Zle tr = 1.
t The vector of tg, 1 < k < K i
7; The set of one-hop neighbors of node ¢
UB. An upper bound of problem z
UB Maximum upper bound among all problems
w = 7.5 GHz is the entire spectrum for UWB networks.
Yik Total power (signal and noise) received by node ¢ in time
slot k&
Y The vector for Y, 1 <i < N, 1<k < K
« Path loss index
n Ambient Gaussian noise density
Desired small error bound in the final solution
Ye A (1 — ) optimal solution

Since Y7, Py < Puax and Y2, o7, Pl <|T | Prax, We have
the following constraints for each node i, which capture
both the constraint that a node 7 cannot send and receive
within the same time slot & and the constraint on the
power level:
ZPZ g Pma‘x(l - xf)a
JET;
Z pfm- < |Ti|]3maxxf~
meT;
The maximum utility problem (MUP) can now be

formulated as follows:
MUP

Max

L
Z Inr(l)
l;}
s.t. Ztk = 1,
k=1

gi;‘pf'}
(m,t)#
W+ ZmEZﬁqET,,, gm]pmq
(1Si§N,]€7i,1§k§K)» (7)

cf] =t Wlogy | 1 +

Y Pl < Pu(l—af) (1<i<N1<k<K), (8

JET,

> ok STl Pasal 1<i<N1<E<K), (9)

meT;
K s(D)#7,d(1)#
D= D fm<) (1<i<N,jeT),
k=1 1<I<L
ST M- =0 (<1< Li=s(),
ieT,
i#s() md()
SR = > fuil) =0 (1<I<L1<i<N,
J€T,; meT,;

i # s(1),d(1)),
(1<I<L1<i<N,
(1<i<N,jeT;1<Ek<K).

r(l), fi;(1) =0

k kk
z; =0or l,tk,p,éj, ¢ 2 0

The formulation for MUP is in the form of a mixed-integer
nonpolynomial programming problem. Since even a special
case of this problem such as a mixed-integer program or a
nonpolynomial program is NP-hard in general [6], problem
MUP is likely to be NP-hard, although we do not give a
proof in this paper. Our approach to this problem is
described as follows: As the first step, we show how to
remove the integer (binary) variables and the nonpolyno-
mial (log) terms in the constraints and reformulate MUP as
an NLP problem. Since an NLP problem remains NP-hard
in general, in Section 4, we present a solution procedure
based on branch-and-bound and apply a novel RLT.

3.2 Problem Reformulation
We now show how to remove the integer constraints in (8)
and (9) and the nonpolynomial (log) constraint in (7). The
purpose of the integer (binary) variables z* is to capture the
fact that a node cannot send and receive within the same
time slot; that is, if a node ¢ sends data to any node j in a
time slot £, then the data rate that can be received by node 4
within this time slot must be zero. Instead of using integer
(binary) variables, we could use the following approach to
achieve the same purpose.

We introduce the notion of self-interference parameter g;;
[11] with the following property:

gj; > max{g;; : i € T}
We incorporate this into the bit rate calculation in (7), that is
cf] =4, W
gijpfj

: J) o
77W + Z?ZLE%,,(]ET,“ g"Upmq + ZQETJ g//péq
(10)

1+

-log,

Thus, when any p;‘fq > 0, that is, node j is transmitting to a
node ¢, we have ¢}, ~ 0 even if p}; > 0. In other words, when
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node j is transmitting to any node g, the link capacity on
link (4,7) is effectively shut down to zero. With this new
notion of g;;, we can capture the same transmission/
receiving behavior of a node without the need for integer
(binary) variables z¥ as in the MUP formulation. As a result,
we can remove constraints (8) and (9) and just use the
power limit constraint in (1).

To write (10) in a more compact form, we redefine Z; to
include node i. Thus, (10) is now in the same form as in (7).
Denote

k k
Y= 3" gui-ph,

meZ;qeT

(11)

We have

Qi,/Pf j

k
clj = tkW 10g2 1 + m,t i, L
’I7W + que’l)j.é;é?")m gmrjpﬁﬁq

k
9ijDi;
=t.Wlo 1+—.
k g2 ( W+ ij _ gﬁpz_)

To remove the nonpolynomial term in (7), we use
the linear rate-SINR property that is unique to UWB. That
is, we have a linear approximation for the log function, that

; Pk
is, In(1 + )~z when 0 <z < 1. We have cf]%%m,
which is equivalent to

K k k k
nWei; +Y7'ci; = 9iiPiiCi; — 19 P

Finally, without loss of generality, we assume the
following ordering among t;’s:

t) <ty < - < g

With these reformulation efforts, we now have a revised
MUP (or R-MUP) formulation as follows:

R-MUP
L
Max Zln (1), (12)
=1
K
s.t. Ztk =1
k=1
th—tr1 >0 (2<k<K), (13)
> bl < Pox (1<i<N,1<k<K),
JET;
Y guph, Y =0 (1<i<N1<k<K),
meZ;,qeT
) . Wai,
k k k bk ij ok
UWCij + Yj Cij— 9ijP;i;Cij — ) tepg; = 0 (14)

K s()Fg,d(D)#i
- Y f=0 1<i<NjeT),
k=1 1<I<L
S i) —r()=0 (1<1<Lyi=s(l)),
JET;
J#s(l) md(l)
i = > fail) =0 (1<I<L1<i<N,
JET; meT;

i # s(1),d(D)),
r(l), fij() >0 (1<I<L1<i<N,

Z# d(l)a7 € Tiaj 7& 5(1))7
thpfjy i, ¥ 20 (1<i<N,jeT;1<k<K)

Although the R-MUP formulation is simpler than
the MUP formulation, it is still an NLP problem, which is
NP-hard in general [6]. In the Section 4, we develop a
solution procedure based on branch-and-bound [12] and
the novel RLT [19] to solve this NLP problem.

4 A SoOLUTION PROCEDURE FOR REVISED
MaximMmum UTILITY PROGRAM

4.1 Overview of the Solution Procedure

4.1.1 Duality Approach Is Not Applicable

The R-MUP formulation is in the form of an NLP problem.
For certain NLP problems, it is possible to find a solution via
its Lagrange dual problem. Specifically, if the objective
function and constraint functions in the primal problem
satisfy suitable convexity requirements, then the primal and
dual problem have the same optimal objective value [3].
Unfortunately, such a duality-based approach, although
attractive, is not applicable to our problem. This is because
R-MUP is a nonconvex optimization problem (see (14)).
There is likely a duality gap between the objective values of
the optimal primal and dual solutions. As a result, a solution
approach for the Lagrange dual problem cannot be used to
solve our problem. Although there are efforts on solving
nonconvex optimization problems via a duality (see, for
example, [18] by Rubinov and Yang, where Lagrange-type
dual problems are formulated with zero duality gap), we
find that the complexity of such an approach is prohibitively
high (much higher than the branch-and-bound solution
approach proposed in this paper).

4.1.2 Branch-and-Bound Framework

Branch-and-bound is a generic framework to solve non-
convex optimization problems [12]. Under this approach,
we aim to find a (1 — ) optimal solution, where ¢ is a small
positive constant reflecting our desired accuracy in the final
solution. Initially, a branch-and-bound approach analyzes
all variables in nonlinear terms (denote these variables as
partition variables) and determines the value intervals for
these variables. By using some relaxation technique, branch-
and-bound obtains an LP relaxation for the original NLP
problem; its solution provides an upper bound (UB) to the
objective function. With the relaxation solution as a starting
point, branch-and-bound uses a local search algorithm to find
a feasible solution to the original NLP problem, which
provides a lower bound (LB) for the objective function (see
Fig. 1a for an example). If the obtained lower and upper
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Fig. 1. lllustration of the branch-and-bound solution procedure. (a) Iteration 1. (b) lteration 2. (c) Iteration 3.

bounds are close to each other, that is, LB > (1 — )UB, we
are done.

Define the relaxation error for a nonlinear term as the
difference between the value of this term and the value of
its corresponding new variable in the relaxation solution. If
the relaxation errors for nonlinear terms are not small, then
the lower bound LB could be far away from the upper
bound UB. To close this gap, we must have a tighter LP
relaxation, that is, with smaller relaxation errors. This could
be achieved by further narrowing down the value intervals
of partition variables. Specifically, branch-and-bound se-
lects a partition variable and divides its value interval into
two intervals by its value in the relaxation solution (see
Fig. 1b). Then, the original problem (denoted as problem 1)
is divided into two new problems (denoted as problem 2
and problem 3). Again, branch-and-bound performs
relaxation and local search on these two new problems.
Now, we have LB, and UB;, for problem 2 and LB; and
UBj3 for problem 3. Since the relaxations in problems 2 and
3 are both tighter than that in problem 1, we have
max{UBy,UB3} <UB; and max{LBy,LB3} > LB;. The
upper bound of the original problem is updated from
UB=UDB, to UB=max{UB,,UBs}, and the lower bound
of the original problem is updated from LB = LB; to
LB = max{LBy, LBs}. As a result, we now have a smaller
gap between UB and LB. If LB > (1 — €)UB, we are done.
Otherwise, we choose a problem with the maximum upper
bound (Problem 3 in Fig. 1b) and perform partition for
this problem.

Note that during the iteration process for branch-and-
bound, if we find a problem z with (1 —)UB, < LB, then
we can conclude that this problem cannot provide much
improvement on LB (see Problem 5 in Fig. 1c). That is,
further branching on this problem will not yield much
improvement, and we can thus remove this problem
from further consideration. Eventually, once we find
LB > (1—-¢)UB or the problem list is empty, the branch-
and-bound procedure terminates. It has been proved that
under very general conditions, a branch-and-bound solu-
tion procedure always converges [19].

Fig. 2 shows the general framework of the branch-and-
bound procedure. Note that the key components in the
branch-and-bound procedure are problem specific and
must be carefully designed to make it work. These include

1. how to estimate initial value intervals for partition
variables,

2. how to obtain a linear relaxation,

how to perform local search, and

4. if the nonlinear term with the maximum relaxation
error has multiple variables, which partition variable
should we select for branch-and-bound.

had

In the rest of this section, we design each of these
components.

4.2 Initial Value Intervals for Partition Variables
The linear relaxation would be tight if the value interval for
each variable in a nonlinear term is small enough. Thus, we
should have tight initial value intervals for these variables.
For R-MUP, ¢, pfj-, cf'j, 7(l), and Y}* are the variables that are
in nonlinear terms whose value intervals are candidates to
be partitioned.

Main Algorithm
1. Initialization:

2. Let the initial best solution 1. = @ and the initial lower bound
LB = —o0.

3. Determine partition variables (variables in a nonlinear term) and
estimate their initial value intervals.

4. Let the initial problem list include only the original problem, denoted
as problem 1.

5. Introduce one new variable for each nonlinear term and add linear
constraints for these variables to build a linear relaxation.

6. Denote the solution to the linear relaxation as 1[;1 and its objective
value as the upper bound U B .

7. Let the initial upper bound UB = U B;.

8. Tteration:

9. Select problem z that has the maximum U B among all problems in

the problem list.

10. Find a feasible solution 7, from its 1sz via a local search algorithm
and denote its objective value as L B..

11. If (LB, > LB){

12. Update 1. = 1, and LB = LB,.

13. If LB> (1—¢)UB, we stop with (1—e&) optimal solution ..

14. Otherwise, remove all problems z’ with (1 — e)UB,, < LB

from the problem list. }

15. Define relaxation error for a nonlinear term as the difference between
the value of this term and the value of its corresponding new variable
in 1[),

16. Select a partition variable with the maximum relaxation error and
divide its value interval into two intervals by its value in d;z

17 Define two new problems z; and zo based on these two intervals.

18. Remove problem z from the problem list.

19. Obtain upper bounds U B, and U B2 for problems z; and zo via
their linear relaxations.

20. If (1 —e)UB.1 > LB, add problem 21 into the problem list.

21. If (1 — e)UB,2 > LB, add problem z2 into the problem list.

22. If the problem list is empty, we stop with (1 —e&) optimal solution ..

23. Otherwise, go to the next iteration.

Fig. 2. Main algorithm of the branch-and-bound solution procedure.
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Since t1 <ty <---<tg and ZkKltk =1, we have
0<t,< K+1 5 For pl}, we have 0 < p” < P,.x. For c”, its
upper bound can be calculated by having node ¢ transmit to
node j with F,.. while silencing off all the other
transmissions that may produce interference at node j

and #;, = 1. We have 0 < ¢}, < W logy(1 —5—%) The upper
bound of Y} is achieved when all nodes in Z; transmit with
Prax- Thus, we have 0 <Y} < Poa ez, Gmi-

We now develop an upper bound for (). Recall that r(l) is
the aggregate rate that can be potentially split and routed
among multiple paths between source node s(I) and destina-
tion node d(l). Since r(I) should be no more than the
maximum transmission rate from source node s(I) and the
maximum receiving rate to destination node d(l), we analyze
these twobounding rates individually. Atsourcenode s(l), its
transmission upper bound C;; can be calculated by having
node s(I) transmit to its nearest neighbor with P, on all time
slots. Assuming that the nearest neighbor of s(l) is j, we
have Cy) = Wlog, (1 + &t li]/V[ ) At destination node d(1), it
turns out that an upper bound for receiving rate Cy is
achieved when each node m € 7 4 transmits to d(I) with
Prax in all time slots. This result is stated in the following
lemma. A formal proof is given in the Appendix.

Lemma 1. Denote Cy) as an upper bound of the maximum rate
that node d(l) can receive. We then have

9m, Ll(I)RII(lX
MW + Prax ZLGT“ i d(l)

Cr](l): Z Wilog, | 1+

meT y

Based on the rate analysis at source node s(I) and
destination node d(l) for the lth session, we have

0 S T(l) S min{Cs(l), Cd(l)}-

Denote t, p, ¢, r, and Y as the vectors for variables t, pf'j,
¢}, r(l), and Y}, respectively. Also denote €2 as the set of all
possible value of t, p, ¢, r, and Y. For the original problem
(denoted as problem 1), we have ; = {(t,p,c,r,Y): 0<
th < g 0 < < P, 0 S W logy (14 248), 0 < (1) <

mln{cs 7Od(l)}; 0< Ylk < Rnax ZmeI,, gmi}

4.3 Linear Relaxation

During each iteration of the branch-and-bound procedure,
we need a linear relaxation to obtain an upper bound of
the objective function (see line 5 in Fig. 2). For the
polynomial term, we propose to employ RLT [19]. For the
nonpolynomial term (that is, log term), we propose to
employ three tangential supports, which constitutes a
convex envelope linear relaxation. We elaborate each
technique below.

4.3.1 Reformulation-Linearization Technique

We first show how RLT can obtain a linear relaxation for a
polynomial term. Specifically, Y/'¢};, pj;cl;, and t;pf; in (14)
are polynomial terms. RLT enables us to use new variables
to replace those polynomial terms and add linear con-
straints for these new variables, thus relaxing a nonlinear

X B X X

u

Fig. 3. A convex envelope for y = Inz with three tangential supports (|,
I, and 11l) and a chord (IV).

constraint into linear constraints. These RLT constraints are

derived from the value intervals of the original variables.
As an example, we introduce a new variable uj; for

YFey, that is, u W—Y}" ck. Assume that (Y}), <V} < (Y}f),
and (U)L <d; <(¢)y- Then, we have [Y" (Yl
ek = ()] 2 0, [VE = (Y1), ] [(ch)y — ] 2 0, (V) — V7.
[ci-z-—(ct,) ]20, and [(Y),—Y}] [( ;,.)U ¢£]>0. From the

above relationships, we obtain the following [linear con-
straints (also called RLT constraints [19]) for ufj

j U.Y} S (Y; )U.(Cij)U.
Through this relaxation, we can replace Y}c}; with u}; in (14)
and add RLT constraints for u} i into the R- MUP formulatlon

Followmg the same token, we can let vj; = pficj; and
L] = tkpij From (pu) pl/ — (plj)U’ ( 1/) < CZ < ( z])U’
and ( B < tk (tr)y, we can obtain the RLT constraints
for v; and wy}; as well. As a result, in the relaxed problem,

we are able to have all constraints in linear form.

4.3.2 Linear Relaxation for the Log Function

Now, we show how to obtain a linear relaxation for a
nonpolynomial term. We denote h(l) =1Inr(l) for Inr(l).
Note that the function y=
of z, can be bounded by four segments (or a convex

Inxz, over suitable bounds

envelope), where segments I, II, and III are tangential
supports, and segment IV is the chord (see Fig. 3). In
particular, three tangent segments are at (z,Inzy), (8,1n5),
zpay-(Inzy—Inxy)
Ty—xL
location for the point that intersects extended tangent

and (zy,Inzy), where 5 = is the horizontal
segments I and III; segment IV is the segment that joins
points (zz,Inz) and (zy,Inzy). The convex region defined
by the four segments can be described by the following
four linear constraints:
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zr-y—z <zr(lnzxp —1),
Bry—x<B(np-1),
zy-y—x <zy(lnzy — 1),

(zv —2p)y+ (Inxp, —Inxy)r >y -lnxy, — - Inay.

As a result, the nonpolynomial (log) term can also be
relaxed into a linear objective and constraints.

After we replace all nonlinear terms with new
variables and add the corresponding linear constraints
into the R-MUP formulation, we have the following
LP relaxation for R-MUP formulation:

K
S.t. Ztk = 1,

th—ti >0 (2<k<K),

> P < Pux (1<i<N1<k<K),

JET;

> gy, — Y =0 (1<i<N,1<k<K),

meZ;,qeT
o X ngf
nWely + el = giplyel; = g iy =0

(1<i<N,jeT,1<k<K),

RLT constraints for ufj, ’Ug, and wf}

K s(D)#4,d(1)#i
> - fi) >0 (1<i<N,jeT)),
k=1 1<I<L
S fil) =) =0 (1<1<Lyi=s(l)),
JET;
i#s(l) me£d(l)

i # 5(0),d(D),
Three tangential supports’ constraints for(r(l), h(l))
1<I< L),
(1<I<L,1<i<N,i#d(l),
JE€Tij#s()),
ub v, wh >0 (1<i<N,jeT;,1<k<K),
(t7 p7 c? r7 Y) e Q‘

—~

h(D), fiz(1) = 0

ko k

4.4 Local Search Algorithm

An LP relaxation for a problem z can be solved in
polynomial time. Denote the relaxation solution as 1.,
which provides an upper bound to problem z but may not
be feasible. We now show how to obtain a feasible solution
. based on v, (see line 10 in Fig. 2).

Now, we discuss the main idea on how to determine a
feasible solution 1), based on the relaxation solution '@Z.
Since t in QZ)Z is feasible, we can set t = t in our local search
algorithm. Note that in R-MUP, we introduced the notion of
a self-interference parameter to remove the binary variables
in MUP. Then, in p, it is possible that pf; > 0 and p},; > 0 for
certain node 7 within a time slot k, which is infeasible to our

A Local Search Algorithm for p

1. If (pfj)L > 0, then time slot k& must be used on link (¢, j) and we should
set ﬁi’m = 0 (node ¢ cannot use time slot k for receiving) for all m and
fz?q = 0 (node j cannot use time slot k for transmission) for all q.

2. Choose a node % that meets the following requirement. If no such node
exists, then let p = p and we are done.

3. First, identify a node such that all nodes that transmit data to this node
already have their power updated.

4. If no such node exists, choose any node that has not yet updated its
power.

5. If there is no conflicting time slot, i.e., a time slot used for both
transmission and receiving, at node ¢ under p, then go to line 2.

6.  Otherwise, define T as the total normalized length of time slots used by
node ¢ for transmission and 7'+ as the total normalized length of time
slots used by node % only for receiving.

//Node ¢ tries to remove conflicting on time slots

7. (T < Tr—y) {

//Node 1 tries to use all conflicting time slots for transmission.

8. For a conflicting time slot k, if for each node m with ﬁfm > 0, time
slot k is not the only time slot used on link (i, ¢), then set
ok
P = Y.
9. OLkbllerwise, /ltime slot k is the only time slot used on a link (m, )
10. if for each node j with 131‘ > 0, time slot k is not the only time

=
slot used on link (¢, j), then set ﬁfj = 0 and update T and
Tr_y; else, set ﬁ’fni = 0 for each m. }

11. else { //Node ¢ tries to release some conflicting time slots

12. Node ¢ chooses a conflicting time slot & in the non-decreasing order
sk
of Zje 7 Dij-
13. If for each node j with ﬁi-cj > 0, time slot k is not the only time slot
used on link (%, j), then set ﬁfj = 0 and update T% and T _;.
14. Node % chooses a conflicting time slot k in the non-decreasing order
sk
meT; Pmi:
15. If for each node m with ﬁ)fm > 0, time slot k is not the only time
slot used on link (m, %), then set ﬁf;”- =0.
16. While (T3 > (T: + T—+)/2), node i chooses a conflicting time slot
. . Sk
k in the non-decreasing order of Z]‘ET,; Dij
17. Set p¥; = 0 and update Ty, Ty_y.
18. For each remaining conflicting time slot k, set ﬁ,’fm =0 for each m. }

19. Go to line 2.

Fig. 4. A local search algorithm to obtain p.

original problem MUP. Therefore, it is necessary to find a
feasible p from p by changing some ﬁfj or pf. to zero such
that no node can send and receive within the same time slot.
We apply the following two guidelines when we set some
transmission powers to zero. First, we try to maintain the
same connectivity in ¢, as that in ). wherever possible.
That is, if a time slot k is the only time slot used on link (4, j),
then we should avoid making pfj =0 in 1, (see lines 8§, 10,
13, and 15 in Fig. 4). Second, we try to split the total time
slots used at a node i into two groups of equal length
whenever possible: one group for transmission and the
other group for receiving (see lines 7 and 16 in Fig. 4).

An algorithm that determines a feasible solution 1. is
shown in Fig. 4. Initially, if in problem z, a transmission
power lower bound (p};), is not zero, then we have p; > 0;
that is, time slot £ must be used on link (i, j). As a result, it
cannot be used on node i for receiving or on node j for
transmission. We should set the corresponding transmis-
sion powers as zero. We then update the transmission
power at one node in each iteration. In an iteration, we first
select a node, say, i, and update the transmission power on
this node to resolve the time-slot conflict. Whenever
possible, we choose such a node that all nodes that transmit
data to this node already have their power updated. We
count and will update the total normalized length of used
time slots on node i. Define T; as the total normalized length
of time slots used by node 7 for transmission (including
conflicting time slots used for both transmission and
receiving) and T,_; as the total normalized length of time
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slots used by node 4 only for receiving. For each of these
conflicting time slots, we need to determine its use for either
transmission or receiving, and we aim to make 7; ~ T,_;. If
T, <T,_, then we try to use all conflicting time slots for
transmission. Otherwise, we try to use some conflicting
time slots for transmission such that T, ~7T,_;,. As we
discussed in the previous paragraph, we try to maintain the
same connectivity whenever possible. After we finish
updating on node 4, in the next iteration, we move on to
another node until all nodes are updated. Thus, our
algorithm terminates with a feasible p.

After we obtain t and p for v,, we can compute ci‘] from
(7). The routing solution f in 7, can be obtained by solving
the following concave optimization problem through a
standard approach [3]:

L
Z Inr(l)
=1

s()2j.d()#i K

s.t. Z fis(h) <

1<I<L k=1

Max

(1<i<N,jeT,;),

qu r(l) = (1 <1< Li=s(l)),

J€T;

J#s(l) md(l)

ST W= ful)=0 (1<I<L1<i<N,
J€T; meT;

i # s(1),d(1)),
(1<I<L1<i<N,

i #d(l),5 €T # s(l)).

(D), fi;(1) = 0

4.5 Further Enhancements
4.5.1 Selection of Partition Variables

Note that in line 16 of the branch-and-bound procedure
(see Fig. 2), we choose a partition variable in the nonlinear
term with the maximum relaxation error. If this nonlinear
term is Inr(l), we will partition on r({). If this nonlinear term
has multiple variables, for example, Y/¢};, then we need to
choose a partition variable from Y} and c’”/ Specifically, if
(V) = (VF),) - min{V¥— (V) (V) V2 ()~
min{é}; — (¢ f‘/)L, (c})y — ¢k} (where V¥ and ¢, are the values
of Y} and cf; in the relaxatlon solutlon (Y’”) and (Y}, are
the current lower and upper bounds of Y" and (c 7.) and
(c ")U are the current lower and upper bounds of ¢)), we
partition on Yf and obtain two new value mtervals
[(Y}),,YF] and [V, (Y}),]. Otherwise, we partition on cf.
Similarly, we can perform partition if this nonlinear term
is pjcj; or tipf;.

For our specific problem, further improvement can be
made to the partition variable selection policy by exploiting
the physical interpretation of variables and weighing their
significance. For example, it is clear that variable t; directly
affects the final solution. As a result, the algorithm will run
much more efficiently if we give it a higher priority when
we choose a partition variable. This is precisely what we
have done in our algorithm implementation. That is, when
we choose a partition variable, we give the highest priority
to t;, the second highest priority to pf;, then ¢}, and finally

YF. Note that the choice of partition variable will not
hamper the convergence property of the algorithm [19],
although it will yield different computational times.

4.5.2 Elimination of Nonimproving Problems

There are two types of problems that can be eliminated
before solving their LP relaxations. In the first case, if a
problem is found to be infeasible, then there is no need to
solve a full- scale LP relaxation. For example, after we
partition on pL , if a node must send and receive within the
same time slot in a new problem, that is, (pl]) >0 and
(pk.); > 0, then this new problem must be infeasible.

In the second case, if a problem cannot provide much
improvement, then there is no need to solve a full-scale LP
either. For example, after we partition on r(I), if
(1—¢) Zl 1In(r(1);;) < LB, then this new problem cannot
provide much improvement and can be eliminated from
problem list.

5 NuUMERICAL EXAMPLES AND DISCUSSIONS

In this section, we apply the solution procedure to some
example networks and offer further insights on the
optimization problem. These numerical results are
important as they are not obvious from our theoretical
development of the solution procedure in Section 4.

We consider randomly generated networks of 15 nodes
deployed over a 20 x 20 area. All distances are based on
normalized length in (3). There are five sessions in the
network. The path loss index is & = 2, and the nominal gain
is chosen as gnom = 0.02. The power density limit Qnax is
assumed to be 1 percent of the white noise 7 [16].

We will compare a cross-layer approach to decoupled
approaches to our problem.

5.1.1 Scheduling—Number of Required Time Slots K

We first investigate how the total utility is affected when
the total available time slots K change. One would expect
that the total utility is a nondecreasing function of K.
This is because the more time slots available, the more
opportunities (or larger design space) for each node to
avoid interference with other nodes, thus yielding more
utility for the network. However, there is a price to pay
for having a large K. The larger the K is, the larger the
total length of all time slots in a cycle, and thus, the
larger the delay at each node. Further, the larger the K,
the larger the size of our optimization problem, which
means more computational time will be incurred. There-
fore, we wish to choose a minimum K that can provide
near-optimal performance.

We consider two randomly generated networks (see
Figs. 5a and 6a). The total utility under different K are
shown in Figs. 5b and 6b, respectively. Since multihop is not
allowed when K =1 (a node cannot send and receive
within the single time slot), the minimum required K is
two. As expected, the total utility is a nondecreasing
function of K. It is interesting to note that there is a
“knee” point in each figure; that is, when K is larger than a
certain number, there is hardly much increase in the
total utility. This suggests that for practical purposes, it is
sufficient to choose a certain K for a particular network.
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Fig. 5. A 15-node ad hoc network with five sessions. (a) Network
topology. (b) Total utility as a function of total time slots K.

In general, since 1) the total utility is a nondecreasing
function of K and 2) the total utility cannot increase to
infinity and must saturate at some value, there must exist a
knee point for K. However, the specific value of the knee
point depends on the specific network settings and
parameters and may be different for different network
instances. For example, for the network in Fig. 6a, the knee
point for K is around eight, which is different from that for
the network in Fig. 5a, which is six.

5.1.2 Scheduling—Length Allocation for Each Time Slot

We now show how the allocation of length for each time
slot affects performance. To plot the complete routing
topology (multipath for each session) legibly on a figure, we
use the first three sessions in Fig. 5a for this investigation
(the results for the network in Fig. 6a are similar). Such
small L will enable us to plot the complete routing topology
(multipath for each session) legibly on a figure. We choose
K = 6 in this case based on our results in Fig. 5b.

Fig. 7 shows an optimal routing for these three sessions.
Clearly, an optimal routing for each session is a multipath
routing. Given this routing topology, Table 2 shows the
results under different allocations for normalized time-slot
length. The first policy is the optimal length allocation
obtained via our solution, which apparently offers the
largest total utility. The second time-slot allocation policy is
equal allocation. Finally, we also list the performance of this
policy under two random time-slot allocations. Note that
equal allocation is not a good policy and has about the same
performance as a random allocation policy.
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Fig. 6. A second instance of a 15-node ad hoc network with five
sessions. (a) Network topology. (b) Total utility as a function of total time
slots K.

20

Session 3: Node 10=>2

0

Fig. 7. Optimal routing for three sessions with K = 6.

5.1.3 Routing
For a given optimal time-slot length (obtained via our
solution procedure), we now study the impact of routing on
our cross-layer optimization problem. We again use the
first three sessions (L = 3) in Fig. 5a and K = 6 time slots
for this investigation. In addition to our cross-layer optimal
routing, we also consider the following two routing
approaches, namely, minimum-energy routing and mini-
mum-hop routing. Under minimum-energy routing, the
energy cost is defined as df; for link (¢, ). Under minimum-
hop routing, the cost is measured in the number of hops.
Table 3 shows the results of this study. Clearly, cross-
layer optimal routing outperforms both minimum-energy
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TABLE 2
Total Utility and the Corresponding Sum of Rates under
Different Time-Slot Length Allocation Policies
with K =6 and L =3

Allocation of Normalized Time Slot Length le;l Inr(l) Z)L | r(1)

Optimal: (0.14, 0.14, 0.14, 0.15, 0.21, 0.22) 11.61

Equal: (0.16, 0.16, 0.17, 0.17, 0.17, 0.17) 951 7842

Random: (0.11, 0.11, 0.13, 0.16, 0.20, 0.29) 9.15 69.04

Random: (0.14, 0.15, 0.16, 0.18, 0.18, 0.19) 9.63 84.14
TABLE 3

Total Utility and the Corresponding Sum of Rates under
Different Routing Strategies for K =6 and L =3

Routing Strategy Zle Inr(l) Zle r(l)
Optimal Routing 11.61 149.14
Minimum-Energy Routing 9.39 117.25
Minimum-Hop Routing 8.63 53.99

and minimum-hop routing approaches. Both minimum-
energy routing and minimum-hop routing are minimum-
cost routing (with different link costs). Minimum-cost
routing only uses a single path; that is, multipath routing
is not allowed, which may not provide a good solution.
Moreover, it is very likely that multiple sessions share the
same path (see path 7 — 8 — 5 in Fig. 8a). Thus, the rates
for these sessions are bounded by the capacity of this path.
On the other hand, minimum-hop routing has its own
unique problem. Minimum-hop routing (see Fig. 8b) prefers
a fewer number of hops (with a long distance on each hop)
toward the destination node. Clearly, a long-distance hop
will reduce its corresponding link’s capacity, due to the
distance gain factor.

6 RELATED WORK

Cross-layer optimization for wireless networks has been an
active research area over the past few years. However, most
of these investigations focused on narrow-band wireless
networks (for example, [2], [5], and [20]), and these results
usually cannot be carried over to UWB-based networks.

An overview of UWB technology is given in [13].
Physical-layer issues associated with UWB-based multiple-
access communications can be found in [7], [8], [21], and
references therein. In this section, we focus our attention
on related work addressing networking-related problems
for UWB-based networks.

In [10], Negi and Rajeswaran first showed that in
contrast to previously published results, the throughput
for UWB-based ad hoc networks increases with node
density. This important result is mainly due to the large
bandwidth and the ability of power and rate adaptation of
UWB-based nodes, which alleviate interference. More
importantly, this result demonstrates the significance of
physical-layer properties on network-layer metrics such as
network capacity. In [1], Baldi et al. considered the
admission control problem based on a flexible cost function
in UWB-based networks. Under their approach, a commu-
nication cost is attached to each path, and the cost of a path
is the sum of costs associated with the links it comprises. An
admissibility test is then made based on the cost of a path.

Session 1: Node 9=>15

77777777777

Session 3: Node 10=>2

77777777777

Session 3: Node 10=>2

Fig. 8. Minimum-energy routing and minimum-hop routing for L = 3 in
the 15-node network. (a) Minimum-energy routing. (b) Minimum-hop
routing.

There is no explicit consideration of joint cross-layer
optimization of routing, scheduling, and power control in
this admissibility test. In [4], Cuomo et al. studied a
multiple-access scheme for UWB. Power control and rate
allocation problems were formulated for both elastic
bandwidth data traffic and guaranteed-service traffic. The
impact of routing was not considered.

The most relevant research for our work are [11] and
[15]. In [11], Negi and Rajeswaran studied how to
maximize proportional rate allocation in a single-hop
UWB network (the source node transmits to the destina-
tion node directly). The problem was formulated as a
cross-layer optimization problem with scheduling and
power control constraints similar to the ones used in this
paper. The difference is that in this paper, we consider a
multihop network environment where routing is also part
of the cross-layer optimization problem. As a result, the
problem is considerably more difficult. The review of [15]
was given in detail in Section 1.

7 CONCLUSION

In this paper, we studied the data rate utility problem in a
UWB-based ad hoc network. We formulated the problem
into an NLP with consideration of physical-layer, link-
layer, and network-layer variables. We proposed a
solution procedure based on the branch-and-bound frame-
work and developed the key components under this
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framework, including setting the value intervals for
partition variables, linear relaxation, and local search
algorithm. A powerful technique that we employed in
the branch-and-bound framework is the RLT, which is
able to replace nonlinear terms in the constraints with
linear ones. We also used numerical results to validate the
efficiency of the theoretical solution and offered additional
insights on this problem.

The significance of this work is that it provides a
theoretical result on the achievable performance bound
for a UWB-based ad hoc network. For practical imple-
mentation, distributed algorithms and protocols still
remain to be developed, which should be future work
in this field. For such efforts, the theoretical results
presented in this paper can be used as a performance
benchmark or measure for any of these distributed
algorithms and protocols (rather than comparing them
to some heuristic algorithms).

APPENDIX
PROOF OF LEMMA 1

To obtain an upper bound of the received data rate at
node d(1), we focus on the last hop transmission. Since we are
only considering the last hop transmission, the search space
now only consists of scheduling and power control. For any
given scheduling policy (the number of time slots K and
normalized length of each time slot), we show that the
achievable bit rate increases with the transmission power of
each node at any time slot. This finding suggests that each
node should use the maximum transmission power in all
time slots. Subsequently, we compute an upper bound of the
maximum receiving rate at d(1).

Denote f,,(l) as the data rate from node m € 74 to
node d(l) and

Im,d(l )Pmax

L+ i#m
MW+ Puax 2257 ) ()

(fm(D))"= Wlog,

We will show that (f,,(I))" can be transmitted from node m
to node d(l), and for any set of f,,(I) that can be transmitted

to d(l), we have 33, 7 Fm(l) < D meT (fm()". Thus, an
upper bound of the maximum receiving rate at d(l) is

ZmeT(,(,) (fm(l))* = Cd(l)~

First, we show that (f,,(I))" can be transmitted to d(l).
That is, there exists a scheduling and power control policy
to transmit these (f,,,(1))" to d(I). As an existence proof for
such a policy, let time slot 1 be used for receiving at d(()
and ¢; = 1. Let each node m € 7 4 send its data to d(I) via
one hop with power p; 41) = Pax. The link capacity c}n’ ()
can be computed from (7). It is easy to verify that
(fm(D)" = ¢}, 40) that is, node m can send (f,(1))" to d().

Second, we show that this set of (f,,(I))" achieves the
maximum receiYing rate. That is, there does not exist
another set of f, () with a one-hop solution such that

Zmer(l) f’m(l) > ZmET,,m (fm(l))*'

For any given scheduling policy, we now consider a
time slot k, 1 <k < K. Since )., pfﬁ] < Ppax in (1), we

. How-

md()Pry a1y < G d(1) Pnax
nw

must have pF, ap) < Prax. Then, i

k
Imd) Py, q1) <

, we have s <

ever, according to (2), Ppax = QuaIV

Gnom

%%—YW = Lnggd(” For UWB, we have Q— <1 (for
example, on the order of 1072 [16]). Since Imd) and Gnom
are comparable, we have
M«l form € T (15)
W ()

Jmd)Py, rl(t

W Then, we have ¢« 1.

Denote & = maxer

We now consider the total rate ) C}fn,d(z) received

meT 4

by d(l) in time slot k. According to (7), we have ¢ =

.
Gm.d() Py, 4 .
W logy | 14— e m() — | Using (15), we have
W +Z’€Td(l) Gid)Py g
ok
i t.W Im.d(1) P, d(1)
Cm.,d(l)

CH nw + Z7e7”,, 9i,d<l>pfd(z)

Thus,
k
a(ZmETdu) Crmd(l)) . t.W 1
. B i# k
a(gm.,d(l)pf"’d(l)) In2 nw+ ZEE’?J(;) 9id(1)P; aq)
jF#=m k
B e 95,40 Pj a1 }
L. 2|
JET ) (T]W + Z?g—m gi,d(l)p;";d(,))

To simplify the notation, denote a=7nW and b=
ZL€T,I</ 9i.a0yPr - Then, we have

8(Zmerm Cfn,d(l)) . tW 1

. - k
a(gmﬁd(l)pfn,d(l)) In2 ja+b- Gmd(1)Pry, d(l)
B il gjﬁd(I)pf,d(z) }
2
JE€T 40y (a +b— gjvd(”p;d(l))
W 1 Zm 0 gianP )
T2 - 2
In2 [a+0 = (a+b— ¢a)
tW | 1 b
Z 19 - 2
In2 ja+b (a+b—¢&a)

LW (1 - 29)(?
In2

+ab) +&7
(a+b)(a+b—¢a)’

The last inequality holds because £ < 1.Since 3, .7, cfﬁ’ a0
is an increasing function of p", (1), to maximize the receiving
rate at d(l) in time slot k, we must have pm A = = P for all
nodes m € 7 4y and all time slots k. Thus, to maximize the

receiving rate at d(l), the rate of any node m € T 4 is
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K
fm(l) < Zcfﬁ,d(l)
k=1

K
T Pm X
= t,Wlogy | 1+ g nli(f,z 2
k=1 77W + Z'LETA(I) gi,d(l)Pmax
K
m Pan.X 16
= WZtk logy | 1+ Im,d() I (16)
k=1 nW + Prax Eig’]’dm Gid(l)
m. P ax
=W log, [ 14— 2mdl” e
W + Prax ZiET(;(,) Gi,d(l)
=(fm(@)"
This completes the proof. ]
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